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Abstract 

Introduction

Generative AI (GenAI) tools are transforming health professions 
education, offering opportunities to enhance faculty development 
(FD). Faculty developers are uniquely positioned to integrate GenAI 
into practice to address resource constraints, improve accessibility, 
and foster equity across diverse educational contexts. This Applied 
Insights article offers a perspective on how GenAI can be leveraged as 
a co-developer in FD by drawing on emerging literature and 
discussion points from a workshop at the 8th International Faculty 
Development Conference in the Health Professions.

Applied insights

The applied insights are structured around key phases of FD: 
planning, content creation, delivery, and evaluation. They include 
actionable strategies for using GenAI in needs assessment, 
multilingual and culturally relevant resource creation, personalized 
learning plans, and when providing feedback and mentorship. Each 
insight is rooted in pedagogical rationale, evidence, and strategies to 
address ethical and practical challenges, with an emphasis on human 
oversight, contextual relevance, and continuous evaluation of GenAI’s 

Open Peer Review

Approval Status    

1 2 3

version 1
08 Dec 2025 view view view

Zubin Austin, University of Toronto, Toronto, 

Canada

1. 

Komal Srinivasa , University of Auckland, 

Auckland, New Zealand

2. 

Jennifer Benjamin , Baylor College of 

Medicine, Houston, USA

3. 

Any reports and responses or comments on the 

article can be found at the end of the article.

MedEdPublish

 
Page 1 of 13

MedEdPublish 2025, 15:279 Last updated: 16 JAN 2026

https://mededpublish.org/articles/15-279/v1
https://mededpublish.org/articles/15-279/v1
https://orcid.org/0000-0002-9664-3208
https://orcid.org/0000-0002-6499-7802
https://orcid.org/0000-0002-9601-3994
https://orcid.org/0000-0001-7262-0215
https://orcid.org/0000-0002-6215-5492
https://doi.org/10.12688/mep.21403.1
https://doi.org/10.12688/mep.21403.1
https://mededpublish.org/articles/15-279/v1
https://mededpublish.org/articles/15-279/v1#referee-response-44836
https://mededpublish.org/articles/15-279/v1#referee-response-44966
https://mededpublish.org/articles/15-279/v1#referee-response-44968
https://orcid.org/0000-0001-8665-1004
https://orcid.org/0000-0001-6085-5973
http://crossmark.crossref.org/dialog/?doi=10.12688/mep.21403.1&domain=pdf&date_stamp=2025-12-08


Corresponding author: Melchor Sánchez-Mendiola (melchorsm@gmail.com)
Author roles: Sánchez-Mendiola M: Conceptualization, Methodology, Project Administration, Resources, Supervision, Writing – Original 
Draft Preparation, Writing – Review & Editing; Anakin M: Conceptualization, Methodology, Resources, Supervision, Writing – Original 
Draft Preparation, Writing – Review & Editing; Findyartini A: Conceptualization, Methodology, Validation, Writing – Original Draft 
Preparation, Writing – Review & Editing; Levine R: Conceptualization, Methodology, Validation, Writing – Original Draft Preparation, 
Writing – Review & Editing; Da Silva A: Conceptualization, Methodology, Validation, Writing – Original Draft Preparation, Writing – 
Review & Editing; Vakani FS: Conceptualization, Methodology, Validation, Writing – Original Draft Preparation, Writing – Review & 
Editing
Competing interests: No competing interests were disclosed.
Grant information: The author(s) declared that no grants were involved in supporting this work.
Copyright: © 2025 Sánchez-Mendiola M et al. This is an open access article distributed under the terms of the Creative Commons 
Attribution License, which permits unrestricted use, distribution, and reproduction in any medium, provided the original work is properly 
cited.
How to cite this article: Sánchez-Mendiola M, Anakin M, Findyartini A et al. Applied insights for using Generative Artificial 
Intelligence in Faculty Development in Health Professions Education [version 1; peer review: 1 approved, 2 approved with 
reservations] MedEdPublish 2025, 15:279 https://doi.org/10.12688/mep.21403.1
First published: 08 Dec 2025, 15:279 https://doi.org/10.12688/mep.21403.1  

impact.

Conclusions

By considering these insights, faculty developers can harness GenAI 
to co-design educational materials, extend their reach through 
innovative formats, and maintain ethical and equity-driven 
educational practices. This article highlights the transformative 
potential of GenAI in FD when thoughtfully integrated. GenAI can 
empower faculty developers to enhance the quality and inclusivity of 
HPE while safeguarding educational standards.
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professions education, Ethics, Equity, Technology-enhanced learning

 

This article is included in the Faculty 

Development collection.

MedEdPublish

 
Page 2 of 13

MedEdPublish 2025, 15:279 Last updated: 16 JAN 2026

mailto:melchorsm@gmail.com
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.12688/mep.21403.1
https://doi.org/10.12688/mep.21403.1
https://mededpublish.org/collections/ac_facultydevelopment
https://mededpublish.org/collections/ac_facultydevelopment
https://mededpublish.org/collections/ac_facultydevelopment


Introduction
Generative AI (GenAI) has emerged as a disruptive force in 
health professions education, transitioning from novelty to 
necessity in a short time span1. The integration of GenAI tools  
in education is accelerating, prompting urgent questions for  
faculty development (FD)2. Globally, faculty developers face a 
timely imperative to understand both GenAI’s capabilities and  
limitations to support them through the excitement and anxi-
ety surrounding AI3. In addition to supporting staff members 
as educators, researchers, leaders, and administrators in health  
professions education, faculty developers are key agents in  
translating innovations into effective teaching practice4.

GenAI can help bridge resource gaps across diverse settings. 
It enables personalized content creation and can save time and 
costs in generating teaching materials and assessment items,  
without compromising quality. GenAI supports resource devel-
opment in multiple languages and cultures. This versatility 
may be valuable in low-resource settings that lack access to  
professional translation or content experts. GenAI offers ways 
to scale and tailor FD offerings to local needs, aligning with  
principles of equity and contextual relevance5.

The adoption of GenAI brings challenges. There is a ten-
sion between innovation and responsible use. This tension can  
produce concerns about ethics, bias, academic integrity, and 
equity. Faculty developers must manage questions of accuracy,  
privacy, and fairness in GenAI content, ensuring that the drive 
to innovate does not exacerbate existing disparities. Staff 
members may be unsure how to effectively use GenAI tools6.  
This gap in understanding highlights an opportunity for faculty 
developers to build GenAI capabilities with their colleagues.

This Applied Insights article focuses on how faculty develop-
ers are using GenAI in their work settings, rather than merely  
teaching others about it. The intent is to empower faculty 
developers as responsible users of GenAI by integrating these 
tools as partners in designing, implementing, and evaluating  
FD programs. The following insights provide a practical  
roadmap. They include evidence from emerging literature and  
illustrative scenarios drawn from personal experience in a  
faculty development workshop at the 8th International  
Conference on Faculty Development in the Health Professions 
(ICFDHP). Each applied insight addresses challenges, 
presents ethical considerations, and suggests ideas for con-
tinuous evaluation to reinforce that human oversight and critical  
judgment are essential as we integrate GenAI in our work.

Applied insights
#1. Ground your approach to using GenAI in faculty 
development with key principles
Key principles for GenAI use in medical education are  
human-centered design, transparency, contextual relevance, 
ethical awareness, equity, and continuous reflection7,8. An 
overarching theme is that the human remains the ultimate  
decision-maker5. Faculty developers need to consider if the  
data will be used to train the GenAI tool, construct new  
models, or to generate new content for other users. Prompts  
using student and patient information should be avoided  
because even if it is anonymized; the information entered may 

be stored and used for other purposes. Faculty developers 
must assist staff members to become aware of the data implica-
tions of using GenAI and role model its use following local  
institutional guidelines.

GenAI models can reproduce or amplify biases present in their 
training data. In healthcare education, these biases could mean 
stereotyping roles, underrepresenting certain populations, or  
providing data reflecting the dominant culture on which the 
model is based. To address biases in GenAI outputs, faculty 
developers and staff members can actively engage in identify-
ing and addressing bias, a critical component of AI literacy  
and ethical awareness.

Using only institutionally approved or privacy-compliant tools 
such as ChatGPT Enterprise, Claude 3, or Perplexity Pro, helps  
to maintain confidentiality. Before any session, faculty develop-
ers should design and use a GenAI checklist to clarify whether 
data are sensitive, determine how accuracy will be verified, 
and identify who will review the final content. Checking for  
accuracy and bias should be a routine, structured step rather 
than an afterthought. A practical workflow can be implemented 
with two passes, for accuracy and bias. The accuracy pass  
focuses on checking factual claims and citations using reliable 
databases or PubMed searches. This pass involves comparing 
multiple GenAI outputs (ChatGPT, Claude, Perplexity) to identify  
inconsistencies. The bias pass involves conducting a repre-
sentation audit. Begin the audit by prompting the GenAI to  
critique its own output (e.g., Identify any gender, cultural, 
or disciplinary biases in this text) and also review output by  
looking for stereotypes or omissions. Tools such as Biasly AI  
(https://www.biasly.com) can assist in flagging imbalanced  
language.

The bias pass also requires another person to check that the 
GenAI output makes sense from their perspective. Invite a col-
league from a different discipline, gender, or region to review  
the material for tone and inclusivity.

Documenting these reviews in a GenAI-use log improves trans-
parency and provides valuable evidence for quality assurance 
and scholarly reflection. By demonstrating how to question  
GenAI outputs for accuracy and bias, faculty developers  
normalize critical engagement rather than passive adoption.

#2. Use GenAI-supported needs analysis
Faculty developers can use GenAI to gather information for 
planning and discussion in FD sessions. By reflecting on needs 
assessment data together, staff members’ concerns can be vali-
dated and set the stage for a learner-centred activity. GenAI  
can analyze information provided by staff members to quickly 
identify common gaps in skills or knowledge9. For example, 
anonymized comments from faculty surveys can be imported 
into ChatGPT or Claude with this prompt: ‘Summarize the  
recurring challenges these educators face in providing clinical  
feedback. Group them into teaching, assessment, and leadership  
categories.’ This summary can be created in minutes, offering 
a draft “diagnosis” of common needs around which to design 
a workshop or course. The GenAI’s summary can then be 
reviewed and refined collaboratively, encouraging participants to 
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validate whether the generated themes resonate with their lived  
experiences.

Faculty developers must still act as interpreters, not consumers,  
of GenAI analysis. Cross-checking with alternative data sources 
or discussing the GenAI-derived summary in small groups 
enhances validity and transparency. In practice, the combina-
tion of machine synthesis and human interpretation yields a  
richer, more inclusive understanding of faculty needs.

#3. Teach prompt literacy through cognitive 
apprenticeship
The ability to craft effective prompts is known as prompt lit-
eracy, and it has become a central digital competence for  
educators10. Faculty developers who model effective prompting  
help peers build confidence when using GenAI. When faculty  

developers verbalize prompt construction, it can improve an 
educator’s ability to contextualize and assess the quality of  
GenAI outputs.

A powerful way to teach prompt literacy involves a cognitive 
apprenticeship approach11, where a faculty developer “thinks  
aloud” and demonstrates prompting in real-time. When using 
a GenAI tool in a workshop, faculty developers can narrate  
their thought process to explain how a question is refined, 
context is added, and parameters are adjusted to get a bet-
ter output. By externalizing expert thinking, GenAI use can be 
demystified while the cognitive load for novices is reduced.  
Table 1 shows an outline of prompting principles to help  
make the trial-and-error process of prompt crafting explicit; this 
framework was developed by the authors. See the Appendix  
for worked-out examples and suggestions.

Table 1. CRAFT outline of prompting principles.

Principle Description Why it matters

C – Contextualize Ground the prompt in institutional, cultural, 
or pedagogical setting.

Prevents generic, culturally irrelevant 
outputs.

R – Role-switching Ask GenAI to adopt expert roles (mentor, 
reviewer, designer) or multiple viewpoints.

Encourages critical thinking, reflection, 
and dialogue from multiple perspectives.

A – Augment, don’t 
automate

Use GenAI to spark or scaffold rather than 
fully replace academic tasks.

Keeps faculty developer in the role of 
final editor and sense-maker.

F – Feedback-driven 
refinement

Always review and improve the prompt 
iteratively based on GenAI output.

GenAI improves with specificity and 
correction.

T – Traceability & 
ethics

Record prompts and edits. Add a disclosure 
if used in published or assessed work.

Supports academic integrity and 
replicability.

Appendix. Prompting CRAFT framework with examples and suggestions.

Principle Examples and suggestions

C – Contextualize

Prompt - I am designing a 3-hour faculty development workshop for medical educators at a public medical school 
in Mexico City. The participants will be early- and mid-career clinicians and academics who teach in Spanish, often 
balancing heavy clinical workloads, large classes, and limited pedagogical support. 
The faculty is seeking to modernize its teaching approaches, moving from lecture-based instruction toward 
competency-based and active learning methods, aligned with national accreditation standards (e.g., COMAEM) and 
the university’s educational model.

R – Role-switching
Prompt - You are an expert assessor and educational supervisor in health professions education in [insert country], 
experienced in evaluating post-graduate training portfolios. Please provide constructive, criterion-based feedback 
on the reflective portfolio text below, using the [insert country name] National Standard for [insert profession or level 
— e.g., medical education, teaching, or clinical training] as the reference framework.

A – Augment, 
don’t automate

Suggestion - Always review carefully the outputs, ask yourself: 
-   Are claims verifiable and current? 
-   Does this output serve the intended purpose clearly and appropriately for the audience? 
-   Would this be fair and inclusive in my institution’s context? 
-   If using references, make sure you check them all and that these are being used appropriately.

F – Feedback-
driven refinement

Suggestions - Use expressions like “make it clearer, more specific, and less ambiguous.” 
Identify vague terms and suggest replacements that would guide the AI toward more consistent, contextually 
relevant results. 
Optimise the prompt by defining the AI’s role, perspective, and tone more clearly (e.g., expert mentor, policy 
adviser, educational designer). Suggest how to phrase it to get authoritative yet supportive responses.

T – Traceability & 
ethics

Suggestions - Save chats in your account screenshots, some GenAI allows for PDF export. Others may provide a 
link (e.g. ChatGPT Share> copy link) to the chat that you can keep for reference/audit trail. 
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Faculty developers do not need to be expert users of GenAI 
to demonstrate prompting. They can explore the process of  
crafting prompts with staff members to show how critical 
analysis and judgement can improve it. This co-exploration  
showcases the iterative nature of working with GenAI and  
emphasizes that prompt literacy is an ongoing learning 
process for everyone. In workshops, participants might  
co-create prompts for designing a 60-minute session on feed-
back in clinical teaching, compare results, and discuss why  
certain formulations produced superior outcomes. This shared  
experimentation increases confidence and GenAI literacy.

Faculty developers can use tools like PromptPerfect (https://
promptperfect.xyz) to analyze prompt efficiency or explore  
shared examples in prompt libraries (https://library.maastrichtuni-
versity.nl/apps-tools/ai-prompt-library/; https://promptathon.iime.
cloud).

#4. Co-create multilingual and context-specific 
resources using GenAI
Faculty developers can use GenAI to co-create multilingual  
and contextually relevant resources. GenAI use will support 
them to model culturally responsive pedagogy12. By co-designing  
materials with GenAI, faculty developers can access content 
from different settings and refine it to ensure local relevance13.  
They can use GenAI to produce an initial translation or adap-
tation of a resource and then add the critical layer of cultural  
and pedagogical quality control.

For example, materials in English can be translated and cultur-
ally adapted for use in Spanish or another language appropri-
ate for audience members. In addition to direct translation, 
GenAI can suggest localized examples or metaphors that can 
be reviewed for appropriateness. Faculty developers can use  
ChatGPT, Claude or DeepL Write (https://www.deepl.com/es/
write) to translate teaching materials, ensuring contextual accu-
racy by specifying intended audiences. Faculty developers  
may need to invite a native speaker to review GenAI text for  
accuracy and sensitivity, to avoid misinterpretation.

#5. Remix and adapt educational cases with GenAI to 
promote interprofessional education and inclusivity
A GenAI assistant can expedite the creative process by gener-
ating and remixing teaching scenarios swiftly. This approach 

saves time and operationalizes principles of equity and  
contextualization in FD content; however, the content must be 
reviewed before use. Faculty developers can update the case 
studies or scenarios used in workshops to stimulate discussion  
and application of concepts by GenAI to represent several 
health professions and the diversity of real-world practice14. For 
example, GenAI tools like ChatGPT or DeepSeek can be used 
to convert a physician-centric case into an interprofessional  
scenario with multiple healthcare roles or shorten a lengthy case  
to fit a tighter timeframe.

GenAI might introduce fictional elements or errors while remix-
ing the case. For instance, Gen AI might assign a pharmacist  
a responsibility they typically do not have or create an unre-
alistic scenario. To identify errors, double-check with subject  
matter experts, assess the representatives of the professions,  
or consult the literature on roles and scope of practice.  
Stereotypes can be avoided by explicitly prompting GenAI to 
avoid them. Faculty developers can check GenAI-generated  
cases for bias in simple, concrete ways. After reading the  
GenAI-generated text, pause to ask questions about represen-
tation, assumptions, and corrections as shown in Table 2 to  
ensure the material represents people and professions fairly and 
respectfully.

#6. Provide formative feedback on teaching practice 
using GenAI
GenAI can serve as a teaching coach to provide structured 
and rapid feedback to educators, especially when human feed-
back is limited. GenAI may assist educators to reflect-in-action  
since formative feedback that is structured and continuously 
available supports self-regulated learning15. Getting prompt 
feedback on one’s teaching design or performance can lead to 
improvement16. Additionally, emerging evidence suggests that  
GenAI-assisted feedback can deepen educators’ reflection17. 
Educators can use GenAI to provide themselves with formative  
feedback such as pointing out unclear objectives or suggesting  
new resources.

GenAI also allows for immediate follow up and extension.  
Educators can prompt ChatGPT or Claude with questions 
such as ‘How could I make my slides more interactive?’. This  
feedback can be considered by educators independently or  
discussed with a faculty developer, especially if it appears to be  

Table 2. Questions to check for representation and assumptions, and to make corrections.

Topic Questions Reason

Representation

Who is missing or stereotyped? To check whether people of different genders, professions, or 
cultural backgrounds are shown in limited or unequal roles.

Are some professions always in “supporting” roles 
while others always lead?

To identify patterns where certain groups (e.g. nurses, 
pharmacists) are consistently positioned as secondary or 
invisible.

Do patients and families appear as active partners, 
or only as passive recipients?

To ensure patients and families are represented as decision-
makers, not just as background figures.

Would the case still “work” if we changed the 
gender, ethnicity, or socioeconomic status of the 
main character?

To see whether the story relies on stereotypes tied to a 
particular identity.
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Topic Questions Reason

Assumptions

Does the case make hidden judgments?
To look for language that implies blame, heroism, or 
cultural superiority, such as describing a patient from one 
background as “noncompliant” without context.

What is being taken for granted about this patient, 
team, or setting?

To reveal assumptions (e.g. that all learners have the same 
resources, or that one profession always has the “final say”).

Is any group consistently blamed when things go 
wrong, or always praised when things go well?

To detect one-sided portrayals that may reinforce stigma or 
unrealistic “hero” narratives.

Are there value-laden words (e.g. “difficult”, 
“demanding”, “noncompliant”) that could be 
replaced with more neutral descriptions?

To encourage more descriptive, less judgmental language.

Corrections

What stereotypes might be present? To prompt explicit identification of clichés (e.g. male surgeon, 
female nurse) that can be altered.

What perspective might be missing (patient, family, 
nurse, pharmacist, community)?

To remind faculty to add voices that are often overlooked but 
relevant to real practice.

How could I rewrite this paragraph so that different 
professions contribute more equally? To convert the bias check into a concrete edit of the text.

What specific change will I make now (e.g. change 
wording, add a character, adjust who speaks)?

To ensure the bias scan results in an actual correction, not 
just awareness.

Can GenAI help me revise this case to reduce bias if 
I ask it directly?

To encourage using GenAI itself for revision (e.g. “Rewrite 
this case to avoid stereotypes and distribute decision-
making across team members”), followed by human review. 
GenAI can help you perform the accuracy and bias passes 
suggested in applied insight #1

off-target or too generic. Faculty developers can use GenAI 
for formative feedback on teaching artefacts, such as lesson 
plans, slide decks, or recorded teaching encounters. This  
feedback can be used as starting point for a discussion about  
teaching practice.

If GenAI produces feedback such as “The assessment method 
isn’t clear,” a faculty developer can ask an educator, “Do you 
feel your assessment plan is clear? Let’s see if we can refine  
it.” If Gen AI provides off-target advice, then the faculty devel-
oper can use it as a teaching point about GenAI’s limita-
tions. GenAI provides immediate formative feedback, but it  
requires scrutiny to ensure it can be used constructively to  
improve practice.

#7. Scaffold personalized professional development 
plans
Professional development is most effective when it is tailored 
to the individual’s goals and context18. Staff members find 
the formulation of clear actionable professional development 
plans challenging, and GenAI can support this task. Self-
determination theory suggests that individuals are more 
engaged when they have autonomy in setting goals and per-
ceive that they are building competence19. GenAI can assist 
by providing templates or first drafts of personalized develop-
ment plans that a staff member can refine and customize to  
meet regulatory standards and supervisor expectations20.

By including a staff member’s career stage, interests, and 
required competencies, GenAI can generate a structured devel-
opment plan aligned with those parameters21. Faculty developers  
can provide a checklist of must-haves drawn from profes-
sional standards so each person can ensure their plan includes 
basic requirements. Staff members may add parameters unique 
to their situation. For example, if they are in a rural area or 
have a teaching-focused role with limited research time, the  
plan should reflect those constraints.

If staff members share parameters, GenAI may provide simi-
lar suggestions such as to attend a conference, read specific 
journals, or take a particular course. Faculty developers can add 
prompts to include at least one novel or uncommon develop-
ment activity in its list of suggestions, these can be enhanced 
with peer ideas. The use of GenAI to develop personalized devel-
opment plans can be revised over time to reflect professional  
growth.

For instance, a new clinical educator might ask ChatGPT to 
draft a six-month plan balancing teaching innovation, scholarly  
writing, and leadership growth. The draft can then be refined 
with mentor input and tracked using platforms such as Trello  
(https://trello.com). Faculty developers can facilitate work-
shops where participants co-create and critique GenAI-assisted  
plans, comparing how well the recommendations fit real-world  
constraints.
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#8. Evaluate continuously and iteratively
Embracing GenAI in FD should be accompanied by a com-
mitment to continuous and iterative evaluation. Faculty 
developers should treat GenAI innovations as interventions 
to be studied and improved. They must keep FD activities  
human-centered and evidence-informed with GenAI as a 
dynamic partner that is continually shaped to serve our edu-
cational mission22. This partnership means collecting data on  
learning gains, efficiency, and participant feedback, and using 
that evidence to refine how GenAI can be used in subsequent 
iterations. For example, ChatGPT can condense post-workshop  
reflections into themes such as “time savings,” “improved crea-
tivity,” or “ethical concerns.” These summaries can inform  
iterative improvement cycles.

Continuous evaluation also requires faculty developers to 
notice broader issues such as over-reliance or unequal use of  
GenAI among staff members. Questions to probe these issues 
include: ‘Are people bypassing critical thinking because 
GenAI gives quick answers? Are all staff members benefiting 
equally, or are there groups who struggle with the technology?’  
Monitoring these issues will help faculty developers to ensure 
GenAI remains a tool that augments human capability and  
does not inadvertently diminish skills or exacerbate inequities.

Documenting these evaluations also contributes to the schol-
arship of teaching and learning. Faculty developers can treat 
each applied insight as an opportunity to generate hypotheses in 
need of validation. By collecting and responding to feedback 

and outcome measures, faculty developers can model reflective  
practice and improvement to colleagues.

Conclusion
These practical insights offer a roadmap for embracing GenAI 
as a powerful adjunct to, not a replacement for, the expertise  
and creativity of faculty developers. A unifying theme is the 
principle of the human-in-the-loop: no matter how sophisti-
cated GenAI tools become, it is the faculty developer’s judg-
ment, ethics, and contextual understanding that direct the use of  
GenAI as a co-partner. GenAI can expand what is possible by 
generating content at scale, providing instant feedback, trans-
lating and tailoring materials. Yet, faculty developers must  
decide how such possibilities align with educational values and 
goals. The global FD community stands to gain from GenAI  
when it is applied judiciously. GenAI can help address equity 
and access issues to help faculty developers offer more inclu-
sive interprofessional development. However, we must remain 
vigilant, so GenAI use reinforces humanistic, equity-driven edu-
cation. The role of faculty developer has become more impor-
tant than ever to critically evaluate how GenAI can act as a  
co-partner. It is faculty developers who ultimately provide  
wisdom, experience, and mentorship to guide FD in the new  
era of GenAI.

Data availability
No data are associated with this article.
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The manuscript is timely, well written, and reimagines the conceptual nuances of GenAI usage. It 
makes a clear contribution to the evolving literature on GenAI in faculty development (FD) by 
shifting the focus from teaching about AI to using AI as a co-developer. The authors adopt a novel 
approach of deriving insights from a workshop to inform applied  insights. The following are 
suggestions to improve the quality of the submission. 
 
 
Introduction:

Was IRB approval obtained to write up this workshop?1. 
Paragraph 2 2nd line: AI generating content without compromising quality, needs to be 
elaborated more as most of AI outputs need human oversight. This statement may be 
overstating the capability of some of AI tools, which is misleading. Is there a reference to 
support this statement?  

2. 

Paragraph 3 Line 2:  statement about’ Faculty developers must manage questions of 
accuracy, privacy, and fairness’ clarify what managing fairness means, do you refer to 
faculty needing to ensure accuracy or address concerns re these characteristics

3. 

While the manuscript references multiple pedagogical concepts (human-in-the-loop, 
cognitive apprenticeship, self-determination theory), it does not clearly articulate a unifying 
conceptual framework. It might be helpful to consider entangled pedagogy to consider how 
faculty and learners co-create these solutions.

4. 

#1Paragraph 3 how about Co-pilot? It might suffice to just state institutional AI tools. All of 
these tools mentioned such as biasly, perplexity might need some definitions on their 
functionality.

5. 

Provide context to biasly, the link is a website that does not demonstrate AI assessment of 
language.

6. 

Explicitly anchor the insights to one or two recognizable frameworks (e.g., faculty 
development, educational design research, or established AI-in-education models).

7. 

#3 The current models compensate for badly written prompts and meta prompting can be 8. 

MedEdPublish

 
Page 9 of 13

MedEdPublish 2025, 15:279 Last updated: 16 JAN 2026

https://doi.org/10.21956/mep.22923.r44968
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
http://orcid.org/0000-0001-6085-5973


used to improve the functionality pf LLMs with complex tasks. That said, it also worthwhile 
noting that outputs can be refined using iterative prompting andusing RAG, both of which 
can be elaborated on further.
Strengthen the “Evidence from Practice” Claim 
The manuscript states that insights are informed by workshop discussions and lived 
experience, but these data are largely implicit. Improve the arguments to include concrete 
facts.

9. 

Include statements such as AI generated content is not the final product and educators 
should be responsible with AI use

10. 

# 3 teach prompt literacy: Line 1 core? Instead of central?11. 
Is there a citation for this claim that faculty who demonstrate effective prompting help peer 
build confidence

12. 

The mastrick university link does not work13. 
#4Paragraph 2 Has the accuracy of these tools you are suggesting been studied?14. 
How about google translate?15. 
Last line: change to need to double check for accuracy, instead of may need to invite native 
speaker

16. 

Opportunity for Integrative Case or Thread17. 
Issue: Each insight stands well on its own, but the manuscript reads as a collection rather 
than a cohesive applied narrative.

18. 

Consider adding a single longitudinal vignette (e.g., an interprofessional FD program 
evolving over time) revisited briefly across several insights. This would improve narrative 
coherence and reduce cognitive load for readers.

19. 

#6 Using RAG might improve AI performance to provide robust feedback20. 
Terminology such as “prompt literacy” and “GenAI checklist” could benefit from brief 
operational definitions at first use.

21. 

The conclusion is strong but could be improved by identifying priority research questions 
emerging from these insights.

22. 

Ensure consistency in capitalization and hyphenation of “GenAI” throughout23. 
This is a valuable, timely, and well-constructed applied article,  it would benefit from 
sharpening its scholarly scaffolding around an already strong practical core.

24. 
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Are arguments sufficiently supported by evidence from the published literature and/or the 
authors’ practice?
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If evidence from practice is presented, are all the underlying source data available to ensure 
full reproducibility?
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This article uses eight insights to provide practical guidance on how to integrate GenAI for faculty 
development. The tables used for prompt literacy are practical and helpful, and the questions to 
check for representation and assumptions add strength to this. In the section on remixing and 
adapting education cases, the addition of a statement on maintaining patient confidentiality and 
other institutional GenAI guidance would be beneficial.
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This is an interesting and well written article addressing a topic of timely importance.  I have not 
seen other authors tackling this important issue, so I applaud the authors for their initiative in 
addressing the issue. 
Overall I found the hints and tips provided to be practical, useful, and generally well explained. I 
believe the article will be of value to many readers.  I believe the article could be enhanced 
however, if there were some additional practical examples of how each of the tips could be 
applied in a real world setting.  To this end, I would suggest the authors consider incorporating 
some kind of a longitudinal case study in the article. Provide a brief context relevant to faculty 
development (ideally one that is interprofessional or at least relevant to fields outside medicine).  
With that, for each of the tips presented, provide a brief scenario where that tip is applied in the 
context of that case.  This would really help readers bring the content to life in a practical manner.  
While the authors have indeed been practical in their approach, as currently written I do not 
believe the article lives up to its fullest potential as the application piece requires some work by 
readers to visualize...if the authors could support this visualization through a case study 
embedded in the article, I believe the piece would be much enhanced. 
The specific insights offered by the authors are very helpful, particularly those related to prompt 
engineering and needs assessment.  These insights are really useful to share in the format they 
have elected to do so. Overall I enjoyed reading this insightful work and hope the author are able 
to conceptualize a relevant case study to enhance applicability of their insights.
 
Is the topic of the practical tips discussed accurately in the context of the current literature
Yes

Are all factual statements correct and adequately supported by citations?
Yes

Are arguments sufficiently supported by evidence from the published literature and/or the 

MedEdPublish

 
Page 12 of 13

MedEdPublish 2025, 15:279 Last updated: 16 JAN 2026

https://doi.org/10.21956/mep.22923.r44836
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/


authors’ practice?
Yes

If evidence from practice is presented, are all the underlying source data available to ensure 
full reproducibility?
Yes

Are the conclusions drawn balanced and justified on the basis of the presented arguments?
Yes

Competing Interests: No competing interests were disclosed.

Reviewer Expertise: Health professions education

I confirm that I have read this submission and believe that I have an appropriate level of 
expertise to confirm that it is of an acceptable scientific standard, however I have 
significant reservations, as outlined above.

MedEdPublish

 
Page 13 of 13

MedEdPublish 2025, 15:279 Last updated: 16 JAN 2026


