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A B S T R A C T   

Artificial intelligence-enabled voice assistant services have received notable scholarly attention. Fashion retailers 
offer AI-based voice assistants to facilitate online shoppers. However, the consumer motivations to use digital 
voice assistants and their effect on the purchase intentions of online fashion shoppers are unexplored. To bridge 
this literature gap, this study presents a unique theoretical model grounded in the consumer innovativeness 
concept, broaden-and-built theory, and stimulus-organism-response model to explore the effect of motivated 
consumer innovativeness to use digital voice assistants on purchase intention and awe experience of online 
shoppers. The study used data collected from 538 users of digital voice assistants for online shopping of fashion 
products. Structural equation modeling analysis revealed that the functional, hedonic, social, and cognitive 
motivated consumer innovativeness for using voice assistants affects purchase intention and awe experience. 
Further, the awe experience mediates the relationship between motivated consumer innovativeness and purchase 
intention; and electronic word-of-mouth mediates the relationship between awe experience and purchase 
intention. The study theoretically contributes to the extant literature on consumer innovativeness, AI-based voice 
assistants, and fashion shopping. The findings offer insights to fashion retailers for improved use of voice as
sistants by online shoppers.   

1. Introduction 

Smart speakers are the fastest-growing consumer technology since 
the smartphone (Simms, 2019), and online shoppers increasingly use 
artificial intelligence (AI) enabled e-tail services such as voice assistants, 
augmented, virtual, or mixed reality (Aw et al., 2022; Barhorst et al., 
2021; Grewal et al., 2017; Rabassa et al., 2022) to make purchases. The 
use of VAs in the US is expected to grow up to 130 million users by 2025 
(Statista, 2022), presenting an enormous opportunity to many retailers. 
The use of voice assistants (VA), such as Alexa, Google, and Siri, has 
substantially evolved to become a common choice for online shopping 
activities (Brill et al., 2019; Fernandes and Oliveira, 2021; Singh, 2022). 

Hoy (2018, p.1) defined VAs as “the software agents that run on 
purpose-built speaker devices or smartphones”. VAs respond to voice- 

based user requests utilizing natural language processing in real time. 
In the digital fashion retailing context, several companies have intro
duced voice-based shopping assistants (Kautish and Rai, 2019). For 
example, the British retailer ASOS launched virtual assistants to help 
customers find the right size and choose the right holiday gift, whereas 
Japanese retail clothing ‘Uniqlo’ partnered with Google to offer a 
conversational agent that assists customers in searching for products and 
recommendations. Many luxury fashion retailers such as Burberry, Louis 
Vuitton, Prada, and Tommy Hilfiger also offer AI-based shopping as
sistants (Chung et al., 2020) positing the growing importance of such 
technologies for fashion shopping. 

The intuitive interface, convenient installation, learning, and intel
ligent capabilities through voice control of AI-enabled technology have 
made voice assistants a convenient choice for online shoppers. VA can 
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handle complex requests and establish interaction with customers 
(Lucia-Palacios and Pérez-López, 2021; McLean and Osei-Frimpong, 
2019), thus gaining popularity among online shoppers. For fashion 
shoppers, it provides a quick, personalized, and precise shopping 
experience that is interactive (Kautish et al., 2022). Scholars have 
posited that the VA technology research is timely and deserves scholarly 
attention (McLean et al., 2021) and they have adopted technology 
adoption models to investigate the determinants of users' adoption of 
VAs in service encounters (Fernandes and Oliveira, 2021), continued use 
(e.g., Jain et al., 2022), their impact on consumer engagement and 
loyalty (Moriuchi, 2019), and customer satisfaction (Chung et al., 2020). 
However, these studies were not specific to fashion shoppers. Few au
thors confirmed the use of VA for fashion shopping (e.g., Morotti et al., 
2022; Speicher, 2018) but their works do not inform about the moti
vations to use VA technology for fashion shopping. 

The use of VAs for purchase activities is slow and limited among 
consumers (Vlačić et al., 2021). Hence, it is important to understand the 
motivations for the use of VAs that trigger the purchase of fashion 
products. Past studies drew a link between innovativeness and adoption. 
But this link was found to be weak demanding future research (Esfahani 
and Reynolds, 2021). Several authors recommended probing the moti
vational goals underlying the adoption of an innovation (e.g., Rogers, 
2003) positing it a more powerful explanation of the adoption decisions 
(Kautish and Sharma, 2018). The role of functional, hedonic, social, and 
cognitive motivations in using innovative products was established by a 
few authors (Li et al., 2015; Vandecasteele and Geuens, 2010). Specif
ically, Vandecasteele and Geuens (2010) developed the motivated 
consumer innovativeness (MCI) scale to measure consumers' motivation 
to use innovative products or services. Only a few studies have examined 
the motivated consumer innovativeness concerning innovative tech
nology use (e.g., Esfahani and Reynolds, 2021). But its effect on the 
purchase intention of online fashion shoppers is not known. Broadly, 
despite the importance of examining the underlying motivations for use 
of AI-enabled technologies for fashion shopping, little is known about 
this relationship particularly in the VA context (Table 1), positing a 

research gap. 
Furthermore, consumer emotional experiences are important in 

technology-related fields (Venkatesh, 2000). For instance, scholars have 
shown that consumers' positive emotional reaction to service robot en
counters fosters acceptance (Filieri et al., 2022). The feeling of awe or 
the so-called ‘wow effect’ is an advanced emotional state that can inspire 
individuals to use innovative technologies such as virtual reality (Hinsch 
et al., 2020; Quesnel and Riecke, 2018). An understanding of positive 
emotional experiences like awe is important in marketing research 
(Bagozzi et al., 1999; Xi and Hamari, 2021). Companies such as Apple 
try hard to induce awe in their products and hence the construct holds 
major importance among marketers (Guo et al., 2018). Marketers can 
use the awe experience to develop effective promotion (Kim et al., 2021) 
and induce behavioral intention (Septianto et al., 2020) for fashion 
shopping (Kautish et al., 2022). However, the role of awe for VA 
adoption for shopping in retail settings is yet to be investigated. 

Finally, scholars have emphasized the relevance of electronic word- 
of-mouth (eWOM) on consumer purchase decisions (Filieri, 2015). 
Consumers increasingly search and use online reviews before purchas
ing a variety of products; eWOM features like review volume and 
valence have a significant effect on new product sales (Chung et al., 
2020) making it highly relevant from a marketing perspective. Hence, 
we have added eWOM to our model as an important determinant of new 
technology adoption (Cheung et al., 2021) for fashion shopping. 

As mentioned, the motivations to use AI-enabled VA technology for 
fashion purchase is now known positing a critical research gap. For this 
purpose, the current study, grounded in the consumer innovativeness 
concept, broaden-and-build theory (B&BT), and stimulus-organism- 
response (SOR) model, examines the influence of motivated consumer 
innovativeness (MCI) to purchase fashion products through VA tech
nologies considering the mediation of eWOM and awe experience 
(Fig. 1). The model measures the effect of the four (functional, hedonic, 
social, and cognitive) MCI factors (stimulus) on awe experience (or
ganism) with eWOM and purchase intention (response). Awe experience 
is, in turn, proposed to influence eWOM and consumer purchase 

Table 1 
AI-enabled service research.  

Author(s) AI-enabled technology Theoretical support Contextualization Findings 

Chirico et al. (2018) Virtual reality Awe (perceived vastness and need for 
accommodation) 

3D virtual environment Positive and negative affect 

Quesnel and Riecke 
(2018) 

Virtual reality Awe (perceived vastness and need for 
accommodation) 

Experimentation Aesthetics, familiarity and 
personalization 

Aeschalimann et al. 
(2020) 

Voice assistants Pro-social behavior Smartphone apps Information and interaction 
partners 

Hinsch et al. (2020) Augmented reality Awe and wow effect Lego Playgrounds app Nostalgia, wow, inspiration 
and app/brand congruence 

Ameen et al. (2021) Virtual artist 
applications 

Trust-commitment theory Skin shade-matching AI-enabled customer 
experience 

Barhorst et al. (2021) Augmented reality Flow theory Experimental study Satisfaction with augmented 
reality 

Fernandes and 
Oliveira (2021) 

Digital voice assistants Service robot acceptance model Automated service encounters Acceptance 

Hasan et al. (2021) Voice-controlled 
artificial intelligence 

Technology acceptance model, Unified 
theory of acceptance and use of technology 

Siri with iphone Brand loyalty 

Perez-Vega et al. 
(2021) 

Human-artificial 
intelligence system 

Stimuli-organism-response theory Sentiment analysis Automated firm response and 
manual firm response 

Ramadan (2021) Chatbots and 
interactive voice 
assistants 

Anthropomorphism and self-expressive 
benefits 

Amazon’s Alexa Artificial intelligence addiction 

Soderlund et al. 
(2021) 

AI-powered virtual 
agents 

Affect Experimental study Perceived happiness 

Balakrishnan et al. 
(2023) 

AI-powered voice 
assistants 

Dual factor theory, technology acceptance 
model, theory of status quo bias 

Psychological commitment, cognitive 
misperception and rational decision making 

Attitude and resistance 

Cheng and Jiang 
(2022) 

Chatbots Customer-brand relationship Chatbots satisfaction, trust, commitment 
and loyalty 

Brand preference and purchase 
intention 

Jain et al. (2022) Interactive voice 
assistants 

Uses and gratification, Signaling and prospect 
theory 

Voice assistants adoption Perceived value and continued 
usage intention 

Marikyan et al. 
(2022) 

Digital assistants Unified theory of acceptance and use of 
technology 

Satisfaction with digital assistants Engagement and productivity  
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intention. The proposed research questions (RQs) are as follows: Do 
functional, hedonic, social, and cognitive motivations for VA use influence 
purchase intention through VAs and awe experience? Do awe and eWOM 
influence online shoppers' intention purchase to through VAs? 

The study makes some important theoretical contributions to the 
literature. First, we provide an understanding of the consumer motiva
tions to use VA technology for the purchase of fashion shopping products 
for the first time to our best knowledge. Developing a comprehensive 
model based on the consumer innovativeness concept and broaden-and- 
build theory provides insights into the motivated consumer innova
tiveness for AI-enabled VA use and their effect on purchase intention and 
awe experience among online shoppers. Thus, we add to the scant 
literature on VA use in fashion shopping (Morotti et al., 2022; Speicher, 
2018). This understanding adds to the consumer behavior theory and 
assists practitioners in making informed decisions on product design and 
communication strategy effectiveness (Hinsch et al., 2020; Septianto 
et al., 2020). Centering on the critical role of consumer innovativeness in 
technology adoption (Li et al., 2015; Vandecasteele and Geuens, 2010) 
we apply the concept to the VA and fashion shopping context and thus 
offer important theoretical insights. Marketers have admitted awe 
experience as a significant component of their strategy. However, the 
association of awe with consumer behavior has been scantly established 
in research (Guo et al., 2018). Considering the importance of emotional 
experiences in technology-related fields (Venkatesh, 2000), the intro
duction of awe experience to the VA and fashion shopping literature 
offers new theoretical insights. Furthermore, the significance of eWOM 
behaviors as a crucial theoretical construct for innovative technologies 
cannot be denied (Cheung et al., 2021). Thus, this study provides in
sights into the eWOM behaviors in the innovative AI-enabled VA tech
nology for fashion shopping. This discussion also responds to the call for 
research to explore the convergence of artificial intelligence technology 
and marketing (Vlačić et al., 2021). Fashion marketers can use the 
findings to provide a positive user experience through VA based on 
consumer motivations that can trigger purchase intentions, awe expe
rience, and eWOM behaviors among online fashion shoppers. 

2. Theoretical background 

2.1. Motivated consumer innovativeness (MCI) 

Consumer innovativeness theory proposes that innovative con
sumers have a higher propensity to use innovative technologies (Midg
ley and Dowling, 1978). The consumer innovativeness concept has been 
often applied to the literature on the diffusion of innovation (Roehrich, 

2004). Innovative consumers are often attracted by new technologies 
demonstrating innovative behaviors for a need for uniqueness (Hwang 
et al., 2019). The term ‘motivated consumer innovativeness’ originated 
from two marketing notions, i.e., consumer motivation and innova
tiveness and indicates the range of consumers' motivation to use inno
vative products or services. Roger's (2003) diffusion of innovation 
theory proposed the role of consumer innovativeness in the use of a 
product. This innovativeness is influenced by the consumer's charac
teristics such as motivational factors (Esfahani and Reynolds, 2021). 
Various authors studied motivational factors to comprehend a deeper 
understanding of consumer behavior (e.g., Guttentag et al., 2018; 
Rezvani et al., 2018). Vandecasteele and Geuens (2010) pointed out that 
the consensus among authors agreed that motivational factors serve as a 
source of consumer innovativeness and developed a multidimensional 
consumer innovativeness scale that passed content and predictive val
idity tests. This consumer innovativeness scale (MCIs) considers that 
individuals are motivated by functional, hedonic, social, and cognitive 
motivations to adopt a product or service innovation. Vandecasteele and 
Geuens (2010) claimed that each MCI dimension could predict con
sumers' buying intentions. AI-enabled VA has emerged as an innovative 
technology that facilitates voice-based product shopping. AI-enabled 
voice assistants offer unique perspectives, and consumers may be 
driven to use them for shopping or purchase activities for functional, 
hedonic, social, or cognitive reasons. However, this relationship is yet to 
be explored for VA technology in retail settings. 

2.2. Awe experience 

The awe or wow effect is positive emotion manifested in the feeling 
of amazement and wonder (Griskevicius et al., 2010; Kautish and Khare, 
2022). Positive emotions (i.e., awe) play an important role in explaining 
acceptance of various AI-enabled fields, such as virtual reality and 
augmented reality (Chirico et al., 2018; Chirico and Gaggioli, 2019; 
Quesnel and Riecke, 2018; Yaden et al., 2018). Virtual technology- 
driven automation in any form (e.g., artificial intelligence, voice assis
tant, virtual reality, mixed reality) is assumed to be imbued with the 
concept of the real mind which is capable of exerting wisdom and 
emotions. Awe generates the motivation to play, and push the creative 
limits that are evident not only in social and physical behavior but also 
in innovative and intellectually motivating behavior (e.g., eWOM). 
Russell and Norvig (2016) described AI-enabled systems into two di
mensions: first, human reasoning-behavior (a system that thinks like 
humans and acts like humans), and second, human performance- 
rationality (a system that thinks and acts rationally). With the fine 

Fig. 1. Hypothesized model.  
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blend of both dimensions, AI-enabled services are reshaping and trans
forming customer experiences through emotions (Huang et al., 2019) 
such as awe. 

2.3. Broaden-and-build theory 

The broaden-and-build theory (hereafter B&BT) is a fundamental 
and widely known model to capture the unique properties of positive 
emotions better (Fredrickson, 2001) because individuals' positive emo
tions seem to broaden momentary thought-action repertoires and build 
continuing personal resources. The B&BT theory asserts that positive 
emotions forge the social, intellectual, and physical resources that 
inspire action-taking. According to the B&BT standpoint (Fredrickson, 
2001), certain moments in individual's lives are characterized by expe
riences of positive emotions, e.g., awe, interest, joy, love, and content
ment that produce flourishing thoughts not within the contemporary, 
pleasant moment but over the longer time as well (Fredrickson, 2004). 
Positive emotions, for instance, awe, generates the motivation to play, 
and push the creative limits that are evident not only in social and 
physical behavior but also in innovative and intellectually motivating 
behavior (e.g., eWOM). 

Virtual technology-driven automation in any form (e.g., artificial 
intelligence, voice assistant, virtual reality, mixed reality) is assumed to 
be imbued with the concept of the real mind which is capable of exerting 
wisdom and emotions. Russell and Norvig (2016) described AI-enabled 
systems into two dimensions: first, human reasoning-behavior (a system 
that thinks like humans and acts like humans), and second, human 
performance-rationality (a system that thinks and acts rationally). With 
the fine blend of both dimensions, AI-enabled services are reshaping and 
transforming customer experiences through feelings (Huang et al., 
2019). 

2.4. Stimulus-organism-response model 

Mehrabian and Russell (1974) theorized the Stimulus-Organism- 
Response (S-O-R) model which postulates that environmental signals 
act as stimuli that lead to numerous emotional and cognitive responses. 
These responses culminate into innovative consumer behavioral insights 
and appraisals. The S-O-R model has been widely operationalized in a 
variety of online environments (Sharma et al., 2021, 2022a, 2022b). In 
the S-O-R model, environmental cues act as external stimuli and antic
ipate the organism as an intervening construct between the stimulus and 
response highlighting its impacts on the consumers' psychological pro
cesses (Mehrabian and Russell, 1974). Motivated consumer innova
tiveness influences consumer expectations, cognition, and emotions. 
The study adopted the S-O-R model to examine consumer interactions 
with online fashion portal attributes (stimuli) and its role in generating 
an awe experience (organism) and influencing eWOM and purchase 
intentions (response). 

3. Hypothesis development 

3.1. MCI and purchase intentions 

Purchase intentions indicate the possibility that customers will plan 
or be willing to purchase a product or service soon (Kang et al., 2020). 
There is sufficient evidence available to assist the relationship of MCI 
facets with purchase intentions. But this relationship is not known in the 
VA context. In other words, the motivations for use of VAs that trigger 
the purchase intentions are not explained in the literature. Scholars have 
discussed the importance of including psychological motivations to 
study technology adoption (Lin and Filieri, 2015). For instance, Lin and 
Filieri (2015) revealed that consumer innovativeness fosters technology 
continuance intention. According to Cao (2021), consumer innovative
ness for new technology-based services directly impacts purchase in
tentions (Frank et al., 2015; Hong et al., 2017). Jeong et al. (2017) also 

evidenced the effect of consumers' innovativeness on purchase in
tentions. Similar results are present in the extant literature for the effect 
of MCI facets (functional, hedonic, social, and cognitive) on purchase 
intentions (Esfahani and Reynolds, 2021; Vandecasteele and Geuens, 
2010). 

This study aims to examine the effect of functional, hedonic, social, 
and cognitive motivations to use AI-enabled VA technology on the 
purchase intentions of online shoppers. Several studies have under
mined a significant correlation between AI-enabled retail and voice as
sistants and consumer motivation (Cao, 2021; Vitezić and Perić, 2021). 
AI-enabled voice assistants offer unique perspectives on potential 
drivers related to customer motivations (i.e., functional, hedonic, utili
tarian), emotions (e.g., cognitive, feelings), social factors, and service 
situations (i.e., encounters, failure, dysfunction) (Vitezić and Perić, 
2021). 

3.1.1. Functional MCI and purchase intentions 
The functional MCI refers to “consumer innovativeness motivated by 

the functional performance of innovations and focuses on task man
agement and accomplishment improvement” (Vandecasteele and 
Geuens, 2010, p. 310). The functional MCI is reflective of the functional 
or utilitarian benefits such as improved performance, increased pro
ductivity, and risk (Vandecasteele and Geuens, 2010) perceived by the 
customer that evokes the use of the innovative product (Venkatraman 
and Price, 1990). VA is integrated into machine learning that enables the 
performance of tasks without explicit instructions, thus providing 
functional benefits to the users (McLean and Osei-Frimpong, 
20192019). Customers buy products online due to these functional 
benefits offered by the VAs (Moriuchi, 2019). For example, it is faster in 
terms of both speed, compatibility, and accessibility and saves con
sumers time for shopping (PwC Report, n.d.). This is because VA tech
nology allows individuals to multi-task with less effort and offers the 
convenience of task completion, such as product purchase, without 
requiring them to type or hold the device (McLean and Osei-Frimpong, 
2019). Several authors pointed out that functional MCI affects purchase 
intention (Chopra, 2019; Esfahani and Reynolds, 2021). Such functional 
benefits offered by VA may increase the purchase intentions among 
online shoppers. Thus, drawing on the literature, we propose the 
following hypothesis. 

H1a. : Functional MCI to use AI-enabled VA significantly influences 
purchase intentions of fashion products. 

3.1.2. Hedonic MCI and purchase intentions 
The hedonic MCI refers to “consumer innovativeness motivated by 

affective or sensory stimulation and gratification” (Vandecasteele and 
Geuens, 2010, p. 310). The hedonic motivations inspire consumers to 
use innovative products for enjoyment or joy (Vandecasteele and 
Geuens, 2010). It is related to sensory arousal among customers and 
reflects emotions such as pleasure (Hwang et al., 2019). These customers 
use the product for its newness (Hwang et al., 2019). The use of inno
vative technologies such as VA for the hedonic aspects was explained in 
prior studies (McLean and Osei-Frimpong, 2019). Prior studies have 
abstracted the role of hedonic MCI in determining purchase intentions 
(Alzayet and Lee, 2021; Hinsch et al., 2020). Sharma et al. (2022b) 
showed that the perceived enjoyment associated with using smart de
vices significantly influences behavioral intentions. If consumers derive 
pleasure from the use of VAs, they will be motivated to use them for 
various activities such as fashion shopping. Based on this rationale, we 
argue that hedonic motivations are likely to increase the purchase 
intention for fashion products as the customers feel excitement, joy, or 
pleasure. Thus, we argue that. 

H1b. : Hedonic MCI to use AI-enabled VA significantly influences 
purchase intentions of fashion products. 
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3.1.3. Social MCI and purchase intentions 
Social MCI, means “consumer innovativeness motivated by the self- 

assertive social need for differentiation” (Vandecasteele and Geuens, 
2010, p. 310). Socially motivated consumer innovativeness (SMCI) ex
plains the use of innovative products to raise social status or impress 
others (Brown & Venkatesh, 2005). Literature suggests the use of AI- 
enabled innovative products by customers is determined by social 
identity motives. Several customers opine that using a particular tech
nology such as VA fosters their social status (McLean and Osei- 
Frimpong, 2019). Researchers have emphasized the symbolic element 
in the socially motivated consumer innovativeness manifested in 
creating social identity through the use of innovative products (Roeh
rich, 2004) such as VA for shopping activities. These customers desire to 
attain social relationship goals (Vandecasteele and Geuens, 2010) and 
appear trendy and sophisticated to obtain social value. For instance, 
smartwatches are purchased by customers to proclaim their social 
recognition and this desire for social recognition fosters their purchase 
intentions (Patel et al., 2023). People's behavior is dependent on their 
motivations (Hwang et al., 2019) and hence we propose that socially 
motivated consumer innovativeness is likely to foster the purchase in
tentions of online fashion shoppers. 

H1c. : Social MCI to use AI-enabled VA significantly influences the 
purchase intention of fashion products. 

3.1.4. Cognitive MCI and purchase intentions 
Cognitively-motivated consumer innovativeness is defined as “the 

desire for new experiences to stimulate the mind” (Venkatraman and 
Price, 1990, p. 294). Such consumers are interested in exploring beyond 
their cognitive boundaries (Vandecasteele and Geuens, 2010). Con
sumers use new technology to stimulate the mind and attain cognitive 
goals such as exploration, comprehension, and cerebral creativity 
(Hwang et al., 2019). For example, for the appropriate commands, in
dividuals must make the right choice of words and sentences for the 
completion of the task. It should be time specific to control and execute 
the functions (Sharma et al., 2021). These examples demonstrate the use 
of cognitive skills for the operation of VAs. Cognitively motivated cus
tomers are likely to use AI-enabled VAs for purchase as they are moti
vated to experience beyond their existing cognitive mental states. 

H1d. : Cognitive MCI to use AI-enabled VA significantly influences 
purchase intentions of fashion products. 

3.2. MCI and awe experience 

Following the conceptual background mentioned, this research 
projected the influence of MCI on consumers' awe experience. Awe has 
been identified as a theoretically important construct in consumer psy
chology literature (Kautish and Khare, 2022; Rudd et al., 2018) and 
recent marketing literature (Hinsch et al., 2020; Kim et al., 2021). 
Innovative technologies can enhance the awe experience among con
sumers (Hinsch et al., 2020). Because awe is a complex emotion that 
arises when one is provoked by something vast that exceeds prior in
formation schema, exposure to innovative technology can generate awe 
(Kim et al., 2021; Shiota et al., 2007). The study posits that AI-enabled 
VAs may help trigger shoppers' self-transcendent and potentially trans
formative awe experiences. The underlying motivations (functional, 
hedonic, social, and cognitive) to use interactive AI-enabled VA tech
nology may elicit an awe experience among consumers (Mishra et al., 
2022). 

3.2.1. Functional MCI and awe experience 
Functional motivation to use innovative products can be explained 

by the customer's desire for convenience, time-saving, and accuracy 
(Hwang et al., 2019). Such consumers are attracted by the functional 
utility and usefulness of the product. Researchers have evinced awe in 
the need for accommodation and posited that virtual technologies lead 

to awe among customers (Quesnel and Riecke, 2018). Moreover, awe is 
a strong emotion experienced when an individual is challenged by vast 
stimuli (Hinsch et al., 2020). AI-enabled VA technology provides func
tional benefits (McLean et al., 2021) that are likely to generate awe 
among customers. Thus, it is proposed that. 

H2a. : Functional MCI to use AI-enabled VA significantly influences the 
awe experience. 

3.2.2. Hedonic MCI and awe experience 
Individuals who solicit excitement or pleasure try new and innova

tive technologies (Mishra et al., 2022). Hedonism was characterized as a 
psychological motivation (Hwang et al., 2019). As acknowledged by 
prior studies, the psychological motivation or schema provokes the wow 
effect or awe (Hinsch et al., 2020). Exploring the fashion portals by using 
AI-enabled technology can also be enjoyable for shoppers (Kautish and 
Khare, 2022). Exposure to a novel technology can result in excitement or 
joy (McLean and Osei-Frimpong, 2019) that can trigger awe (Guo et al., 
2018). For example, Enki launched by ASOS allows users to search latest 
products using voice on their smartphones. Customers who use AI- 
enabled VA for shopping purposes are apparent to the pleasure or 
excitement experience (McLean and Osei-Frimpong, 2019) and are 
likely to generate an awe experience among the shoppers. Based on this 
discussion we argue that when fashion shoppers use VA technology for 
enjoyment purposes, they are likely to experience awe. Thus, it is 
proposed: 

H2b. : Hedonic MCI to use AI-enabled VA significantly influences the 
awe experience. 

3.2.3. Social MCI and awe experience 
Quesnel and Riecke (2018) affirm that the awe experience is within 

the spectrum of self-transcendent experiences with wellness aids and an 
emotional state of social interconnectivity. The awe experience gener
ated by the social motivations was demonstrated in the prior research. 
The author outlined awe experience for commercial products was 
largely triggered by social stimuli. Fashion products are commercial and 
thus we apply this notion to our study. Awe explains the vastness 
manifested in the social impact (Hinsch et al., 2020). Moreover, awe can 
be rooted in the social aspect as an emotion that embarks on the un
derlying psychology of an individual's social presence or status. The use 
of AI-enabled VA is considered prestigious, placing the user on a higher 
social status (Mishra et al., 2022). Thus we argue that, when socially 
motivated fashion shoppers use VA, it may evoke the awe experience or 
wow effect among them. Based on the discussions from extant literature, 
we posit that: 

H2c. : Social MCI to use AI-enabled VA significantly influence the awe 
experience. 

3.2.4. Cognitive MCI and awe experience 
Awe exhibits the need for accommodation elicited in the cognitive 

model of Keltner and Haidt (2003). People realize the world through the 
cognitive constitution of experiences and structures (Guo et al., 2018). 
Exposure to extraordinary vastness can summon the intellectual sche
mas of an individual, leading to a transposition that demands a 
conception (Guo et al., 2018). Awe ascends when individuals encounter 
something beyond their existing knowledge and mental configurations, 
evoking a need to update their psychological schema. The accommo
dation of certain products needs adjustment of the mental schemas and 
results in awe experiences. For example, when fashion shoppers use VA 
technology to search for products they may apply mental schemas for 
search results. To cite, Uniqlo offers voice-based personalized recom
mendations and text chats. Exposure to novel and innovative technol
ogies summons mental adjustments and generates awe among 
consumers (Hinsch et al., 2020). Thus we argue that fashion shoppers 
motivated by cognitive factors may experience awe while using VA 
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technology for product search. Based on these arguments from the 
literature, we propose the following hypothesis: 

H2d. : Cognitive MCI to use AI-enabled VA significantly influences the 
awe experience. 

3.3. Awe experience, eWOM, and purchase intentions 

3.3.1. Awe experience and purchase intentions 
Awe has emerged as a distinct positive emotion (different from 

happiness, joy, and pride) designated to the feelings of amazement eli
cited by various objects (Kim et al., 2021; Septianto et al., 2020). 
Exposure to beautiful objects such as products can trigger awe among 
customers (Septianto et al., 2020). The awe or wow effect is an outcome 
of exposure to such products that challenge the existing mental schemas 
among customers to make sense of new experiences (Hinsch et al., 2020) 
that evoke the purchase intention for products (Guo et al., 2018). This 
logic holds for the VA technologies available for fashion products as 
discussed in the previous quoted examples. Kautish and Khare (2022) 
posited that VA generates awe among fashion shoppers. The use of AI- 
enabled technologies requires customers to update their existing 
mental representations resulting in awe that leads to certain behavioral 
outcomes (Hinsch et al., 2020) such as purchase intentions (Guo et al., 
2018). The effect of the awe experience on consumers' decision-making 
was validated in the prior research (Guo et al., 2018). Awe triggers 
curiosity or learning among customers and their willingness to try a 
product (Septianto et al., 2020). The effect of awe experiences on 
generating purchase intention was demonstrated in prior studies (Guo 
et al., 2018). According to Septianto et al. (2020), awe experience re
duces the purchase risk and thus can be a significant catalyst for an 
increased intention to purchase. Thus, we draw the following hypothesis 
based on the literature discussion: 

H3. : Awe experience significantly influences purchase intentions 
among online shoppers. 

3.3.2. Awe experience and eWOM 
Instigating emotions such as awe experience evokes sharing of in

formation with others and leads to positive eWOM behaviors (Guo et al., 
2018). To cite, if consumers positively gauge the innovative technology 
(e.g., AI-enabled voice assistants), they will have a higher tendency to 
use it. Awe is an outcome of feelings of admiration among the customers 
that provokes them to talk about the product with others (Guo et al., 
2018). Scholars have quoted examples to show that the awe experience 
for products leads to an increase in WoM intention among customers (e. 
g. Guo et al., 2018). Correspondingly positive emotions such as awe may 
proliferate customers' willingness to use AI-enabled services, interact 
with other customers, and recommend and/or eWOM (Huang and Rust, 
2018; Patel et al., 2023; Perez-Vega et al., 2021). To restate the defense, 
the research draws upon literature support on awe experience, purchase 
intention, and eWOM (Esfahani and Reynolds, 2021; Patel et al., 2023). 
Based on these arguments, the subsequent hypothesis is suggested. 

H4. : Awe experience significantly influences eWOM among online 
shoppers. 

3.3.3. eWOM and purchase intentions 
eWOM has long been deliberated as an effective marketing mecha

nism for internet users (Filieri, 2015). The Internet offers several online 
platforms for eWOM, e.g., blogs, product/service reviews, discussion 
forums, shopping portals, and social media avenues (Kautish et al., 
2022; Wang et al., 2018). The information posted by previous customers 
makes other customers comfortable before purchasing products or ser
vices. Furthermore, positive eWOM gets channelized based on favorable 
or unfavorable service appraisals, which have a pivotal influence in 
shaping purchase intentions (Patel et al., 2023). Previous studies have 
established the influence of eWOM on consumers' purchase intentions 

(Chung et al., 2020; Filieri, 2015; Wang et al., 2018). Authors have also 
quoted that a positive review on voice shopping increases the purchase 
intentions among customers. Drawing from this evidence in the litera
ture, we argue that when customers' eWOM influence on voice-based 
fashion shopping is strong it is likely to increase their purchase inten
tion. Deploying this attestation from the extant literature, the next hy
pothesis is posited as follows: 

H5: eWOM significantly influences purchase intentions among online 
shoppers. 

3.3.4. Meditating influence of awe experience and eWOM 
Awe corresponds to the psychological transformations that result in 

specific behavioral outcomes such as valence or WOM behaviors (posi
tive and negative) and consumption-related behaviors (Guo et al., 
2018). Generally, awe has been theorized as a positively valenced 
emotional experience associated with feelings of curiosity and aston
ishment (Hinsch et al., 2020). Moreover, awe has the prospect of 
bringing a behavioral change in consumers. Awe typically arises in the 
presence of grandeur, e.g., panoramic scenery, eye-splinting objects, or 
artifacts that might evoke an awe experience. Prior research has shown 
that awe experience can foster a heightened sense of aesthetics, increase 
individuals' perceptibility towards AI-enabled service quality, and evoke 
a sense of self-diminishment temporarily amidst online flow dimensions 
(Kautish and Khare, 2022). Keltner and Haidt (2003) demarcated two 
distinctive features: first, the awe experience is linked to the perceived 
vastness that AI-enabled services offer in terms of complexity, size, in
tensity, number, and ability), this perceived vastness, curiosity, bewil
derment or feel of grandeur leads to propagating factors, e.g., eWOM 
(Hinsch et al., 2020). Second, this emotion elicits a natural need for 
accommodation in the existing schema of objects that is insufficient to 
comprehend the awe-eliciting factors (Shiota et al., 2007), this awe 
feature is germane to the present scholarly work because it alludes to the 
potential of awe experience in reducing purchase risk, which is in line 
with research showing how awe boosts curiosity (Septianto et al., 2020), 
openness to experience (Yaden et al., 2018) and learning abilities 
(Chirico et al., 2018). Thus, it can be hypothesized that awe fosters WoM 
behaviors and purchase intentions. Additionally, awe stimulates a sense 
of accommodation which refers to mental processes towards awe- 
eliciting objects, challenging existing knowledge or psychological 
structures to resolve new dimensions (Rudd et al., 2018). In the present 
study context, AI-enabled services, this is because the shopping experi
ence becomes more memorable and exhilarating in the presence of awe. 
The customers inspired by awe convey their experience to others and get 
encouraged to share positive word-of-mouth that enhances the intention 
to purchase a product. Further, the underlying motivations (functional, 
hedonic, social, and cognitive) to use interactive AI-enabled VA tech
nology may elicit an awe experience among consumers (Mishra et al., 
2022) that fosters purchase intentions. We follow prior studies (e.g. 
Sharma et al., 2021; Sharma et al., 2022a) to draw our hypothesis on 
mediation. In their study, the authors posited S-O-R (stimulus organism 
response) framework as a suitable theoretical context to draw the 
mediation effects. The S-O-R framework explains that the stimuli (here 
the MCI facets to use VA) generate certain emotions (here the awe 
experience) that lead to responses (here purchase intention and eWOM) 
(Mehrabian and Russell, 1974). The consumers' behavior is not a direct 
outcome of stimuli but rather routed through a mediation mechanism 
(Sharma et al., 2021; Sharma et al., 2022a). Drawing from the argu
ments presented in the discussion of literature and the S-O-R framework, 
it is proposed that: 

H6: Awe experience significantly mediates the influence of MCI 
facets to use AI-enabled VA on the purchase intentions of online 
shoppers. 

H7. : eWOM significantly mediates the influence of the awe experience 
on the purchase intentions of online shoppers. 
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4. Methodology 

4.1. Measures 

The measurement scales were adapted from previous studies (Jain 
et al., 2022). The MCI related to AI-enabled voice assistant services 
construct, e.g., functional MCI (7 items), hedonic MCI (7 items), social 
MCI (6 items), cognitive MCI (5 items) was adapted from Vandecasteele 
and Geuens (2010, 2011). Twelve measurement items for awe experi
ence were adapted from Chirico and Gaggioli (2019), Chirico et al. 
(2018), and Yaden et al. (2018), eWOM (5 items), and purchase in
tentions (4 items) scales were adapted from Chopra (2019) and Roy et al. 
(2019) respectively. These items were anchored on a seven-point Likert- 
type scale [strongly agree (7) – strongly disagree (1)]. Two experts from 
the e-retail industry and two marketing professors examined the ques
tionnaire, and their suggestions were incorporated into the final ques
tionnaire. The scale items are presented in Table 2. 

4.2. Data collection 

To address the objectives of this research, a cross-sectional research 
design was followed. Before the actual survey, a pilot test was admin
istered using 40 respondents (marketing professors, doctoral candidates, 
masters/graduate students, and e-tail executives). Minor revisions were 
incorporated in a few scale items to develop the final questionnaire. The 
introductory section of the questionnaire discussed the purpose of the 
research. We ensured the participants' identity and anonymity to reduce 
bias and did not ask for contact information. 

In line with past research on digital interfaces, the sampling pro
cedure for data collection was purposive sampling (Sharma et al., 
2022a) as it is considered to be cost-effective and provides a homoge
nous sample for better managerial insights (Sharma et al., 2022b). The 
online survey was conducted for the study purpose on weekends from 
November 2021 to February 2022 with the help of an online indepen
dent consumer panel agency with access to the Retailer Association of 
India database (Kautish et al., 2021b). A professional market research 
company was appointed to collect data that had trained, informed, and 
advised before survey execution, this process helped in reaching 
appropriate respondents for collecting the primary data. The re
spondents selected were those individuals who were a) adequately 
conversant with the use of AI-enabled voice assistants for online 

shopping and b) were from the database of the Retailer Association of 
India (Jain et al., 2022). Data were collected over four months period. 

To ensure that the sample size was suitably large for study constructs 
and scale items, a G*Power analysis (minimum sample 465) was con
ducted with a 0.15 effect size, 80 % statistical power, and a 5 % sig
nificance level (Hair et al., 2021). A total of 1200 questionnaire links 
were administered, and 846 responses were received, but only 538 
(63.59 %) were used for data analysis. The analysis revealed that out of 
308 rejected responses, 124 questionnaires were either incomplete or 
bounced back, and 184 responses were found detached as the deviation 
rate was zero among the answers. 

India was chosen as a context for several reasons. First, according to 
Mobile Marketing Association and Isobar Report, voice-based queries 
are mounting at 270 % annually in India. Second, the integration of 
Indian regional languages in voice assistants has been the strongest 
growth driver (Sharma et al., 2022a). It is estimated that 72 % of 
internet users in India will prefer to use their regional language rather 
than English, and voice assistants will help bridge that language gap to 
augment acceptability (Business Insider, 2021). Third, 28 % of online 
shoppers use AI-enabled VAs for their search, and 23 million consumers 
use voice assistants to make purchases, positing enormous opportunities 
(Balakrishnan et al., 2023). 

4.3. Sample description 

Table 3 provides the details about sample demographic character
istics. Out of 538 participants, there was a clear female majority (n =
323; 60.04 %), and the average age was 33.16 years which means that 
young consumers utilize AI-enabled voice assistant services (Balak
rishnan et al., 2023). The largest category of respondents' education 
level was postgraduates (n = 231; 42.94 %), followed by professionally 
qualified respondents (n = 150; 27.88 %), graduates (n = 115; 21.38 %), 
and doctorates (n = 42; 7.80 %). >50 % of the respondents' monthly 
family income was above INR 95,000, which reveals that high-tech e-tail 
services get consumed by affluent consumer segments (Jain et al., 2022). 
Lastly, the majority indicated that they regularly use AI-enabled voice 
assistant services for more than one year 58.18 % (n = 313). 

5. Results 

5.1. Data analysis 

The research conducted two forms of data analysis to meet the study 
objectives. First, a descriptive statistical analysis was executed as a 
preliminary investigation. Second, to examine the hypothesized model 
analysis, the study employed covariance-based structural equation 
modeling (CB-SEM) to test measurement and structural model analysis. 
According to Hair et al. (2021), CB-SEM is a comprehensive statistical 
approach to testing hypotheses about relationships among observed and 
latent variables (p. 54). CB-SEM is considered to be ‘quasi-standard in 
marketing research when it comes to analyzing the cause-and-effect 
relations between latent constructs (Hair et al., 2021; p. 137), thus, 
CB-SEM was suitable for the present study. In addition, the study 
observed the multivariate normality in terms of Mardia's multivariate 
skewness, kurtosis, and p-value employing the Web Power tool (below 
the threshold limit of 0.05). 

5.2. Common method bias (CMB) 

Due to response biases, common method bias (CMB) can be a prob
able threat to the analysis. To reduce it, we followed both procedural 
and statistical remedies. To apply the procedural remedy, the existing 
scales were used, and the anonymity of respondents was ensured 
(Podsakoff et al., 2003). Harman's single-factor assessment was piloted 
(Harman, 1976). The results revealed that a single factor accounted for 
28.4 % of the total variance, which is less than the threshold value of 50 

Table 2 
Respondents’ profile (N = 538).  

Variables Frequency % 

Gender   
Female  323  60.04 
Male  215  39.96 

Age (in years)   
18–25  86  15.99 
26–32  228  42.38 
33–40  191  35.50 

Above 40  33  6.13 
Education   
Graduate  115  21.38 
Post Graduate  231  42.94 
Doctorate  42  7.80 
Professional  150  27.88 
Family income (per month)   
INR 50,000–65,000  47  8.74 
INR 65,001-80,000  98  18.21 
INR 80,001-95,000  119  22.12 
Above 95,000  274  50.93 
Prior experience with AI-enabled voice assistants   
>6 months  225  41.82 
>1 year  313  58.18 

Notes: INR = Indian National Rupee; $US1 = INR81.22 (as on December 1, 
2022). 
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%. Thus, CMB was not an issue (Hair et al., 2021). Additionally, we 
employed a common latent factor (CLF) test to confirm CMB's non- 
existence further. The comparison of standardized weights of a regres
sion model with and without CLF suggested minor differences (e.g., 
below 0.005 on all MCI facets), thus confirming the non-existence of 
CMB. 

Table 3 
Constructs, items and descriptive statistics.  

Constructs, items and descriptive statistics Mean SD Standardized 
loadinga 

Functional MCI 
I found AI-enabled VA services such as virtual 

try-on, styling etc., useful for fashion 
apparel shopping.  

3.22  1.25  0.798 

AI-enabled VA services are equally convenient 
and easy to use on web and mobile 
interfaces.  

3.13  1.16  0.737 

AI-enabled services such as personalized 
voice-based agents are quite compatible 
with web and mobile interfaces.  

3.26  1.25  0.783 

AI-enabled VA services seem to be efficient for 
fashion apparel shopping. (rc)  

3.15  1.17  0.754 

I felt AI-enabled VA services e.g., 3D and 
stereoscopic virtual reality etc. are 
comfortable.  

3.16  1.21  0.715 

I felt AI-enabled VA services are engaging, 
entertaining and dynamic for online 
shoppers.  

3.60  1.08  0.736 

AI-enabled VA services are reliable. (rc)  2.93  1.13  0.717  

Hedonic MCI 
AI-enabled VA services make my fashion 

apparel shopping experience thrilling and 
stimulating.  

3.18  1.41  0.748 

It is fun to use AI-enabled VA services for 
fashion apparel shopping.  

2.88  1.09  0.729 

I always find AI-enabled VA services sensation 
centered.  

3.15  1.12  0.773 

Using AI-enabled VA services seems to give 
me a sense of enjoyment.  

3.21  1.24  0.795 

At times, I feel tension in using AI-enabled VA 
services. (rc)  

3.29  1.23  0.787 

I desire to use AI-enabled VA services for 
fashion apparel shopping.  

3.13  1.17  0.755 

AI-enabled VA services provide me with an 
escape from the routine shopping hassles for 
fashion apparel shopping.  

3.19  1.22  0.718  

Social MCI 
AI-enabled VA services provide a feel of being 

different and unique image for others.  
3.39  1.27  0.794 

AI-enabled VA services provide a feel of status 
and standing in the society.  

3.13  1.18  0.768 

According to my opinion, using AI-enabled VA 
services are a matter of prestige and 
distinction. (rc)  

3.23  1.09  0.705 

I love to use AI-enabled VA services that 
impress others.  

3.24  1.12  0.742 

AI-enabled VA services symbolize trendiness 
and demonstrate success.  

3.15  1.10  0.726 

At times, I feel AI-enabled VA services create 
sense of belongingness with fashion 
apparels.     

Cognitive MCI 
I mostly buy fashion apparels through AI- 

enabled VA services to satisfy my analytical 
mind.  

3.20  1.24  0.797 

I find AI-enabled VA services intellectually 
stimulating and therefore I buy fashion 
apparels instantly.  

3.13  1.16  0.736 

I often buy through AI-enabled VA services 
because it makes me think logically. (rc)  

3.26  1.22  0.782 

I am a rational thinker who buys fashion 
apparels through AI-enabled VA services 
because it set my mind to work.  

3.14  1.17  0.754 

AI-enabled VA services stimulate intelligence 
and eagerness to learn.  

3.19  1.21  0.735  

Awe experience  
3.59  1.35  0.748  

Table 3 (continued ) 

Constructs, items and descriptive statistics Mean SD Standardized 
loadinga 

While shopping through fashion portal, I have 
a sense of being connected to its virtual 
environment. 

While shopping through fashion portal, I feel a 
sense of communion with its virtual 
environment.  

2.98  1.18  0.726 

While shopping through fashion portal, I 
experience a sense of oneness with its 
virtual environment.  

3.17  1.15  0.758 

While shopping through fashion portal, I feel 
closely connected with its virtual 
environment.  

3.16  1.23  0.786 

While shopping through fashion portal, I feel 
that I am witness to something grand in its 
virtual environment.  

2.81  1.17  0.792 

While shopping through fashion portal, I 
perceive vastness and I feel my jaw drop in 
its virtual environment.  

3.10  1.13  0.719 

While shopping through fashion portal, I have 
goosebumps and gasp because of its virtual 
environment.  

3.24  1.08  0.727 

While shopping through fashion portal, I have 
chills and my eyes get widen due to its 
virtual environment.  

3.16  1.14  0.788 

While shopping through fashion portal, I find 
hard to comprehend the experience in full 
for its virtual environment. (rc)  

3.27  1.39  0.714 

While shopping through fashion portal, I feel 
challenged to understand the experience in 
full about its virtual environment.  

2.84  1.17  0.743 

While shopping through fashion portal, I 
struggle to take in all that I experience in its 
virtual environment.  

3.13  1.20  0.757 

While shopping through fashion portal, I try to 
understand the magnitude of what I 
experience in its virtual environment.  

3.26  1.15  0.786  

eWOM 
I would like to familiarize myself about AI- 

enabled VA services to others.  
3.19  1.17  0.768 

I would like to talk about my positive 
experience with AI-enabled VA services.  

3.27  1.39  0.714 

I will speak favorably about AI-enabled VA 
services and the benefits of switching to 
others.  

2.83  1.19  0.743 

I will like to inform positive things about AI- 
enabled VA services.  

2.80  1.17  0.791 

I have shown AI-enabled VA services use to 
others.  

3.26  1.33  0.715  

Purchase intentions 
I am more likely to use AI-enabled VA services 

to purchase fashion apparel.  
3.19  1.20  0.787 

I am willing to purchase fashion apparel using 
AI-enabled VA services.  

2.80  1.16  0.792 

I would recommend purchasing fashion 
apparel using AI-enabled VA services to 
others.  

3.12  1.13  0.719 

I will use these AI-enabled VA services in 
future as well.  

3.25  1.09  0.727 

Notes: MCI = Motivated Consumer Innovativeness; SD = Standard Deviation; rc 
= Reverse Coded. 

a Significant at p < 0.001. 
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5.3. Measurement model 

To ascertain the socio-demographic characteristics of the sample, 
descriptive statistics were calculated using the statistical package SPSS 
v. 26, and AMOS v. 26 was used for data exploration in terms of mea
surement model (reliability and validity) and structural model (hy
pothesized paths) according to a two-step procedure of structural 
equation modeling method (Hair et al., 2021). The outcomes of the 
measurement model revealed an acceptable model fit (χ2 = 403.864; df 
= 172; χ2/ df = 2.348; IFI = 0.965; CFI = 0.962; TLI = 0.959; NFI =
0.960; RMSEA = 0.064). The model was checked for convergent and 
discriminant validity and internal consistency reliability. The factor 
loadings were above 0.705 and significant at 0.001 (Table 1). The 
average variance extracted (AVE) was more than the threshold limit of 
0.50 (Hair et al., 2021). The average shared squared variance (ASV) and 
maximum shared squared variance (MSV) estimates were below their 
AVE values, thus establishing convergent validity. Furthermore, all of 
the constructs' squared correlations (R2) were below their AVE values 
(Fornell and Larcker, 1981). The composite reliability values were more 
than the recommended score (0.70) for all the constructs, showing 
satisfactory internal consistency (Hair et al., 2021) (Table 4). 
Heterotrait-monotrait (HTMT) criterion for discriminant validity is also 
reported, given the correlations among the constructs were below the 
suggested threshold estimate of 0.85 (see Table 5) (Henseler et al., 
2015). 

5.4. Structural model 

The hypothesized model with eight constructs was tested using 
structural equation modeling (SEM). As displayed in Table 6, the model 
had a satisfactory fit (χ2 = 485.836; df = 189; χ2/df = 2.570; IFI = 0.968; 
CFI = 0.967; TLI = 0.958; NFI = 0.959; RMSEA = 0.067) and provides 
results from the hypotheses testing. Fig. 2 details the SEM findings with 
standardized regression weights. The results supported all the hypoth
eses. The results revealed that functional MCI (β = 0.194, p < 0.05), 
hedonic MCI (β = 0.211, p < 0.05), social MCI (β = 0.206, p < 0.05), and 
cognitive MCI (β = 0.181, p < 0.05) positively affects purchase in
tentions, which supported the hypotheses: H1a, H1b, H1c, and H1d.Awe 
experience was significantly influenced by functional MCI (β = 0.396, p 
< 0.05), hedonic MCI (β = 0.215, p < 0.05), social MCI (β = 0.192, p <
0.05), and cognitive MCI (β = 0.237, p < 0.05) thus supporting H2a, H2b, 
H2c, and H2d. Furthermore, awe experience had a positive impact on 
purchase intention (β = 0.126, p < 0.05) and eWOM (β = 0.581, p <
0.05), and accordingly H3 and H4 were supported. Therefore, purchase 
intentions were significantly influenced by eWOM (β = 0.790, p < 0.05), 
which supports the H5. 

5.5. Mediation 

To test the mediation effect, the study used the percentile boot
strapping method with 10,000 subsamples (Hair et al., 2021; Sharma 
et al., 2022a) and regression analysis (Alalwan et al., 2022), the research 

Table 4 
Reliability, validity and other estimates.  

Construct No. of items VIF AVE MSV ASV (1) (2) (3) (4) (5) (6) (7) 

(1) Functional MCI  7  2.371  0.865  0.434  0.250  0.950a  0.592b  0.632  0.588  0.557  0.542  0.571 
(2) Hedonic MCI  7  2.162  0.910  0.463  0.272  0.351c  0.964  0.475  0.716  0.645  0.668  0.642 
(3) Social MCI  6  1.232  0.824  0.452  0.196  0.402  0.224  0.897  0.432  0.424  0.370  0.391 
(4) Cognitive MCI  6  2.480  0.862  0.467  0.285  0.348  0.515  0.186  0.883  0.598  0.521  0.536 
(5) Awe Experience  12  2.595  0.876  0.452  0.238  0.310  0.416  0.178  0.359  0.941  0.765  0.767 
(6) eWOM  5  2.481  0.865  0.456  0.280  0.296  0.444  0.137  0.271  0.583  0.978  0.725 
(7) Purchase Intentions  4  1.362  0.833  0.450  0.194  0.327  0.413  0.155  0.285  0.587  0.526  0.951 
Goodness-of-fit: χ2 = 403.864; df = 172; χ2/ df = 2.348; CFI = 0.962; IFI = 0.965; TLI = 0.959; NFI = 0.960; RMSEA = 0.064 

Notes: MCI = Motivated Consumer Innovativeness; AVE = Average Variance Extracted; MSV = Maximum Shared Squared Variance; ASV = Average Shared Squared 
Variance. 

a Composite reliabilities are along the diagonal. 
b Correlations (above diagonal). 
c Squared correlations (below diagonal). 

Table 5 
HTMT criterion. 

Construct (1) (2) (3) (4) (5) (6) (7)

(1) Functional MCI

(2) Hedonic MCI 0.352

(3) Social MCI 0.260 0.416

(4) Cognitive MCI 0.275 0.283 0.274

(5) Awe Experience 0.371 0.362 0.310 0.361

(6) eWOM 0.394 0.427 0.363 0.340 0.292

(7) Purchase Intentions 0.286 0.295 0.276 0.225 0.273 0.317

Table 6 
Structural model.   

Standardized 
estimate 

t- 
Value 

Support 

H1a Functional 
MCI 

→ Purchase 
Intentions  

0.194  2.945 Yes 

H1b Hedonic 
MCI 

→ Purchase 
Intentions  

0.211  4.514 Yes 

H1c Social MCI → Purchase 
Intentions  

0.206  2.836 Yes 

H1d Cognitive 
MCI 

→ Purchase 
Intentions  

0.181  3.278 Yes 

H2a Functional 
MCI 

→ Awe 
Experience  

0.396  5.642 Yes 

H2b Hedonic 
MCI 

→ Awe 
Experience  

0.215  3.169 Yes 

H2c Social MCI → Awe 
Experience  

0.192  2.498 Yes 

H2d Cognitive 
MCI 

→ Awe 
Experience  

0.237  3.453 Yes 

H3 Awe 
Experience 

→ Purchase 
Intentions  

0.126  2.532 Yes 

H4 Awe 
Experience 

→ eWOM  0.581  16.857 Yes 

H5 eWOM → Purchase 
Intentions  

0.790  17.035 Yes 

H6 MCI Facets → Awe Experience → 
eWOM  

0.179  6.134 Yes 

H7 Awe Experience → eWOM → 
Purchase Intentions  

0.184  12.262 Yes 

Goodness-of-fit: χ2 
= 485.836; df = 189; χ2/ df = 2.570; RMSEA = 0.067; IFI =

0.968; CFI = 0.967; NFI = 0.959; TLI = 0.958. 
Notes: *p < 0.05; RMSEA = Root Mean Square Error of Approximation; IFI =
Incremental Fit Index; CFI = Comparative Fit Index; NFI = Normed Fit Index; 
TLI = Tucker-Lewis Index. 
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considers mediating awe experience and eWOM to link the MCI facets, e. 
g., functional (β = 0.275; t = 4.921; SE = 0.056; p < 0.001; 95 % CI =
0.272–0.475), hedonic (β = 0.223; t = 5.136; SE = 0.048; p < 0.001; 95 
% CI = 0.344–0.483), social (β = 0.252; t = 4.614; SE = 0.051; p <
0.001; 95 % CI = 0.320–0.553), and cognitive (β = 0.218; t = 4.823; SE 
= 0.053; p < 0.001; 95 % CI = 0.284–0.472) and purchase intentions. In 
addition, as per the suggestions related to the practical significance and 
conceptual relevance (Sharma et al., 2022a), the variance accounted for 
estimates were in the range of 31.6 % to 34.1 %. Furthermore, The 
findings of the study confirm that awe experience (β = 0.179, p < 0.05) 
has a statistically significant relationship between motivated consumer 
innovativeness facets and purchase intentions. Likewise, it was found 
that eWOM (β = 0.184, p < 0.05) has a significantly positive link be
tween awe experience and purchase intentions (see Table 6). These re
sults support the mediating hypotheses (H6 and H7). 

6. Discussion 

The study intended to explore the motivational consumer innova
tiveness facets for use of AI-enabled voice assistants that influence the 
purchase intention and awe experience of online fashion shoppers. For 
this purpose, a theoretical model grounded in the consumer innova
tiveness concept and broaden-and-build theory was developed and 
operationalized. Using structural equation modeling, the model was 
tested using data collected from Indian shoppers. Results provided 
support for all seven proposed hypotheses. 

Results supported H1 (a, b, c, d), providing empirical evidence for the 
effect of MCI (functional, hedonic, social, and cognitive) for VA use on 
purchase intention. A handful of studies established the MCI and pur
chase intention relationship (e.g., Jain et al., 2022; Esfahani and Rey
nolds, 2021). But it was not tested in the context of AI-enabled VAs. As 
there is increasing use of VA for shopping activities (PwC Report, n.d), 
our findings extend the existing literature knowledge and present new 
knowledge about this relationship, particularly for the online fashion 
shopping context. The VA uses for fashion shopping literature (e.g., 
Morotti et al., 2022; Speicher, 2018) did not identify the motivations for 
VA use that affect purchase intentions. This study provides insights into 
the effect of MCI for use of VA technology on the purchase intention 
among fashion shoppers. Thus, we extend the literature to the AI- 

enabled VA use for the fashion shopping context. Past studies have 
emphasized the significance of functional or utilitarian and hedonic 
aspects for innovative technology interfaces (e.g., Rese et al., 2020). Our 
findings support this notion and establish that functional MCI (Chopra, 
2019; Esfahani and Reynolds, 2021) and hedonic MCI (Alzayet and Lee, 
2021; Hinsch et al., 2020; Im et al., 2007) for VA use have a direct 
impact on new products' purchase intentions. This means that if the use 
of VA is inspired by functional or hedonic motivations, the purchase 
intention of online shoppers will be increased. However, our findings 
apply to the fashion shopping context. The findings further establish that 
social MCI affects purchase intention (Rhee and Choi, 2020). Our study 
supports this relationship and establishes the influence of social MCI for 
VA use on the purchase intention of online fashion shoppers. Adhering 
to the assertions of previous researchers (Brown & Venkatesh, 2005; 
Roehrich, 2004), our findings indicate that if the use of VA is inspired by 
the desire for social identity and impressions, it is likely to trigger the 
online fashion shoppers' purchase intention. This is a novel finding in the 
literature on consumer behavior regarding VA use as also the consumer 
innovativeness angle. The findings further established that the cognitive 
motivation behind the use of VA enhances the purchase intention among 
online fashion shoppers. This means that if the customers' use of VA is 
backed by the motivation to experience beyond existing cognitive 
mental states, the purchase intention is likely to trigger. If the fashion 
shopper's use of VA is cognitively motivated, then the purchase intention 
is likely to increase. A close observation of the findings suggests that 
cognitive MCI has the highest effect on purchase intention, followed by 
social and hedonic MCI. Our respondents were from the age group 26 to 
40, were highly educated, and belonged to the higher income group. The 
results can be attributed to the respondent's background. Thus, our 
findings add new knowledge to the extant understanding of consumer 
innovativeness and its relationship with purchase intentions. 

H2 was supported, offering validations for the influence of MCI facets 
on the awe experience. The result proposes a significant awe or wow 
effect for the AI-enabled technologies (Javornik, 2016). Hinsch et al. 
(2020) propounded the increase in awe experience by using innovative 
technologies. The previously detailed theoretical framework (broaden- 
and-build theory) supported (Fredrickson, 2001) the interactive effects 
of positive emotion (e.g., awe) in the context of AI-enabled VAs (Hinsch 
et al., 2020; Septianto et al., 2020). Our findings offer validations for the 

Fig. 2. Standardized path coefficients.  
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same. It can be said that online shoppers driven by the functional su
periority of VA use are more likely to experience awe. This means that 
when the consumers are motivated by functional factors, the use of VA 
for fashion shopping is likely to generate awe experience. 

Further, when online shoppers perceive AI-enabled voice assistants 
to offer a fun, exciting, and stimulating environment, they are more 
likely to experience awe while using voice assistants. The influence of 
social MCI on the awe experience entails that when online fashion 
shoppers feel that using AI-enabled voice assistants could impress 
others, they are more likely to have a higher awe experience. As pre
viously explained, social MCI is an essential element of MCI (Demirel 
and Payne, 2018; Roberts et al., 2014; Yang et al., 2021), and the current 
research findings also support the assertion. Further, it can be concluded 
that cognitive MCI influences awe experience owing to higher-order 
cognitive stimulation and perceived intelligence. This finding aligns 
with (Keltner and Haidt, 2003) and applies to AI-enabled VA technology 
(Kautish and Khare, 2022). It can be said that when consumers are 
motivated by hedonic, social, or cognitive factors, the use of VA for 
fashion shopping is likely to generate an awe experience. 

The significant effect of awe experience on eWOM and purchase 
intention (H3 and H4) supports the arguments that awe influences 
consumer behaviors (Guo et al., 2018). Our findings provide empirical 
evidence to validate this relationship in the context of AI-enabled VA use 
for fashion shopping. Yang and Hu (2021) affirm that eWOM denotes 
effects (positive or negative emotions) and firm-relevant outcomes 
(favorable or unfavorable word-of-mouth), and awe have self- 
diminishing properties on consumer forgiveness in service encounters. 
Further, it was proved that eWOM influences purchase intention. The 
findings align with past studies (Chung et al., 2020; Filieri, 2015; Wang 
et al., 2018) and validate the AI-enabled VA use for fashion shopping. 
This means that a positive eWOM about the VA uses for fashion shopping 
will likely trigger the purchase intentions of shoppers. Finally, it was 
found that the awe experience mediates the relationship between MCI 
and eWOM for VA use and online fashion purchase intentions (H6 and 
H7). Awe is linked to the perceived vastness that AI-enabled services 
offer in terms of complexity, size, intensity, number, and ability that 
leads to outcomes such as purchase intention or eWOM (Guo et al., 
2018). Aligning with the prior claims that awe boosts curiosity (Sep
tianto et al., 2020), openness to experience (Yaden et al., 2018), and 
learning abilities (Chirico et al., 2018) it can be said that if VA uses 
motivations can trigger the awe experience of online fashion shoppers 
their purchase intention and eWOM behavior is likely to increase. 

6.1. Theoretical contributions 

The study has important theoretical contributions. First, this study 
responds to the call for research to explore the convergence of artificial 
intelligence and marketing (Vlačić et al., 2021). By evaluating the pur
chase intention, awe experience, and WoM as an outcome of AI-enabled 
VA use motivation, we provide theoretical insights into the marketing 
and consumer behavior literature. Second, the study applies the con
sumer innovativeness theory to the use of VA in the fashion shopping 
context. The study advances the current knowledge of the consumer 
motivations for the use of innovative technology (Vandecasteele and 
Geuens, 2010) particularly AI-enabled VAs. Only a handful of studies 
explored the consumer motivations to use AI-enabled technologies (e.g., 
Lalicic and Weismayer, 2021) but their effect on the purchase intention 
of online fashion shoppers was not known. The few studies on VA use in 
fashion shopping (e.g., Morotti et al., 2022; Speicher, 2018) did not 
identify the motivations for VA use that affect purchase intentions. 
Scholars have recognized the importance of VA use for fashion shopping 
(Kautish and Khare, 2022; Chung et al., 2020) and the motivations to use 
innovative technology (e.g., Rogers, 2003). Thus, our study makes a 
significant theoretical contribution to the extant literature. Moreover, 
this study examined the impact of motivational innovativeness elements 
on purchase intention, and awe experience in the VA context for the first 

time. For this purpose, we used the MCI scale developed by Vandecas
teele and Geuens (2010) and applied it to the AI-enabled VA context. 
Centered on the consumer innovativeness theory, B&BT theory, and S-O- 
R model, the hypothesized framework explains the association of MCI 
for VA with purchase intention, awe experience, and eWOM behaviors. 
Thus, the study advances the consumer innovativeness theory, B&BT 
theory, and S-O-R model to the AI-enabled VA technology for the fashion 
shopping context. We show that the MCI facets (functional, hedonic, 
social, and cognitive) shape online fashion shoppers' purchase intention 
and awe experiences, and these constructs deserve further investigation. 
Third, we comprehend Roger's (2003) diffusion of innovation theory to 
show the importance of consumer innovativeness for use of AI-enabled 
VA that influences the online fashion shopper's behavior thus adding 
to the innovativeness literature and consumer behavior theory. This 
study demonstrates that consumer innovativeness is inspired by moti
vational goals (functional, hedonic, social, cognitive) for use of VA 
technology by fashion shoppers. 

Fourth, grounded in the consumer innovativeness theory, B&BT 
theory, and S-O-R model we show the importance of MCI-inspired awe 
experience as a positive emotion in enhancing the purchase intention 
among online shoppers. The findings provide evidence to theoretically 
establish the importance of awe experience in influencing online shop
pers' behavior concerning AI-enabled VAs. Given this and the limited 
studies on AI-enabled technology that focus on the awe experience as a 
theoretical construct, it deserves more scholarly attention (Guo et al., 
2018). Guo et al. (2018) claimed that commercial products also induce 
an awe experience and our study theoretically supports this notion by 
demonstrating that the VA use triggers awe among fashion shoppers. 
Considering the importance of emotional experiences in technology- 
related fields (Venkatesh, 2000), the introduction of awe experience to 
the VA and fashion shopping literature offers new theoretical insights. 
Finally, we show that eWOM behavior increases the purchase intention 
of online shoppers using VA technology. While the relationship is well 
established in the literature (Chung et al., 2020; Filieri, 2015; Wang 
et al., 2018), our study theoretically implies it to the AI technology 
context for fashion shopping. Authors have posited eWOM behaviors as 
critical to technology-related research (Cheung et al., 2021). Our study 
shows that eWOM behaviors affect the purchase intentions of fashion 
shoppers who use VA technology for shopping purposes. 

6.2. Managerial implications 

The study provides some applications for the developers of AI- 
enabled VA interfaces for e-retailers. We also make suggestions to the 
marketing managers of e-retail stores. The results suggested that the 
functional MCI, hedonic MCI, social MCI, and cognitive MCI are the 
precursors to online shoppers' purchase intention and awe experience. 
These factors should be central to the mind of VA interface developers 
for e-retail stores. Also, the marketing managers of e-retail stores must 
emphasize the use of VAs for a superior online shopping experience 
(Kang et al., 2020; Xi and Hamari, 2021). The AI-enabled VA's service on 
e- retail stores should be designed to be agile, personalized, enjoyable, 
appealing, and efficient (Alzayet and Lee, 2021). The marketing man
agers should closely work with the product team to develop the product 
design and promotion strategy. Thus, if the e-retail stores stress the user- 
friendliness, coolness, customization, and personalized aspects of AI- 
enabled services, it will help to induce customers' functional MCI (Lin, 
2015), hedonic MCI (Kim et al., 2015), social MCI (Cao, 2021), and 
cognitive MCI (Hoffmann and Soyez, 2010). Since the hedonic MCI has 
the highest impact on PI, followed by the cognitive MCI, the AI-enabled 
voice assistant services should be exciting, enthralling, and captivating 
for online shoppers who use voice assistant services (Flavián and Casaló, 
2021). 

Moreover, the awe experience mediates the MCI facets and purchase 
intention, and therefore, the promotional strategy such as advertisement 
must communicate the awe experience. For instance, uploading demo 
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videos demonstrating the shopper's recent use of AI-enabled VAs 
through website or smartphone apps, portraying it as convenient and 
enjoyable. It is further suggested that the shoppers must use small 
(smartphone), medium (tablet), and big size (computer) screens to see 
and navigate easily at any point in time and place. The development of a 
human-like interface is also recommended. Humanized AI can poten
tially combine functional MCI, hedonic MCI, and cognitive MCI in 
emotional and social intelligence (Kaplan and Haenlein, 2019). For 
instance, AI-enabled intelligent agents can provide valuable insights 
about online shopper behavior, customer journey, experience, satisfac
tion, and loyalty by offering superior customized products and services 
(Kumar et al., 2016). The study findings further proposed the influence 
of social MCI on purchase intention and awe experience, so the e-retail 
stores should emphasize that using AI-enabled voice assistants is socially 
accepted. Moreover, the current research provides empirical evidence 
that AI-enabled VAs can generate an awe experience through one of the 
online shopping contexts, e.g., fashion apparel. These kinds of awe- 
inducing scenarios are a promising starting point for online interface 
designers to integrate themes of assessment to exhibit emotional states 
(combining physiological, behavioral, and self-induced aspects). 

The results further exposed that the awe experience is crucial for 
eWOM and purchase intentions. Thus, e-retail companies should work 
towards the enhancement of the awe experience through AI-enabled 
VAs. For instance, humanizing the VAs can give consumers an awe 
experience. Further, eWOM mediates the relationship between awe 
experience and purchase intention. By focusing on eWOM mechanisms 
in terms of community, competence, content, and consensus firm- 
generated communications may replicate the tone and enthusiasm 
among online fashion customers. As more user-generated content gets 
shared by online customers and e-tail fashion brands interact with ‘fans’ 
or ‘online communities’, these interactions get noticed by other social 
networks that build credibility and customer engagement. Therefore, 
retailers must encourage online shoppers to share experiences through 
various platforms. They can ask the users to rate their experience and 
write reviews about their product search experiences with the VAs. 
Development of an interface that allows sharing of the VA app would be 
beneficial to the e-retailers. Thus, marketers should be active in utilizing 
eWOM as a marketing strategy to trigger mutually engaging communi
cation with online fashion customers and to integrate emotional and 
informational content concerning opinions, and experiences about 
fashion apparel. By these means, customers will be able to access more 
credible information about fashion brands, stylists, fashion designers, 
and private label brands. The informational and emotional content- 
oriented promotion can evoke interest and encourage positive word- 
of-mouth resulting in a favorable attitude, strong attachment, and 
higher purchase intentions. 

6.3. Limitations and future research directions 

The present research offers meaningful theoretical and practical in
ferences, but it has a few limitations that should be considered carefully. 
First, data were collected only from India, so the scope of the general
izability of the outcomes is limited. Future studies may explore the 
implication of the proposed theoretical model geographies and regions 
may increase the generalizability. Moreover, we employed a single 
survey data collection approach for this study. A multi-study or mixed- 
method approach is recommended for future studies for a better un
derstanding. Second, the study concentrated only on AI-enabled services 
for e-retailers. The application of the theoretical model to other AI- 
enabled technologies such as chatbots, augmented, virtual or mixed 
reality is suggested to the scholars. In particular, as a construct, MCI has 
the deficiency of not possessing a high external validity because it is not 
as extensively used in the extant literature as TAM or UTAUT theories, so 
the future study must apply the concept to other relevant conditions, 
which may help to improve external face validity of the MCI construct. 
Therefore, it would be significant to observe the key applications of the 

TAM or UTAUT theories to the AI-enabled voice assistants' context. AI 
technology changes fast and consumer behavior; therefore, a longitu
dinal survey may provide an advanced understanding of the constructed 
relationships. 

Further, the broaden-and-build theory is not a widely explored the
ory to ascertain e-tail paradigms. Hence, it would be worthwhile to 
observe the pertinence of the broaden-and-build theory concerning AI- 
enabled voice assistant services and another online shopping environ
ment. Though extant studies support the notion that awe is an entirely 
positive emotion in nature, according to Keltner and Haidt (2003), awe 
can be ‘profoundly positive’ and ‘terrifyingly negative’ (p. 303). 
Therefore, future research may attempt to understand the negative and 
thread-centered variant of the awe experience (Gordon et al., 2017). 

7. Conclusion 

This study summarizes how AI-enabled voice assistant services can 
stimulate the awe experience among online shoppers and how positive 
emotions (e.g., awe) can drive eWOM and purchase intentions. To un
derstand awe experience as a granular process, the researchers hy
pothesized the facets of motivated consumer innovativeness (i.e., 
functional, hedonic, social, and cognitive) in AI-enabled voice assistant 
services. The awe experience centers on the idea that positive emotions 
coincide with a need to create dominant perceptual schemas to 
accommodate favorable psychological changes owing to AI-enabled 
voice assistant services (Kautish et al., 2021a). Suppose AI-enabled 
voice assistant services consider psychological accommodation, the 
more awesomeness a stimulus, the better the accommodation and the 
more awe experience. Correspondingly, motivated consumer innova
tiveness mainly revitalizes and galvanizes latent meaningful connota
tions to experiment with novelty. Instead of experimenting with 
something novel for the first time, awe experience is associated with 
something innovative in a relatively acquainted manner (e.g., AI- 
enabled voice assistant). Both eWOM and purchase intentions are 
significantly associated with the awe experience. However, if the 
conclusive goal is to drive consumer behavior, eWOM mediates the link 
to purchase intentions. This study shows that though awe experience can 
directly lead to eWOM and purchase intentions, the concomitant 
restructuring of awe experience to eWOM and eWOM to purchase in
tentions is more robust. These findings can be utilized by fashion e-tail 
managers for AI-enabled service marketing strategy creation and pro
motion techniques to foster eWOM and purchase intention among online 
shoppers. 
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